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CHAPTER 2

Addressing Information Asymmetries 
in Online Peer-to-Peer Lending

Mark Cummins, Theo Lynn, Ciarán Mac an Bhaird  
and Pierangelo Rosati

Abstract  Digital technologies are transforming how small businesses 
access finance and from whom. This chapter explores online peer-to-peer  
(P2P) lending, a form of crowdfunding that connects borrowers and 
lenders. Information asymmetry is a key issue in online peer-to-peer 
lending marketplaces that can result in moral hazard or adverse selection, 
and ultimately impact the viability and success of individual platforms. 
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Both online P2P lending platforms and lenders seek to minimise the 
impact of information asymmetries through a variety of mechanisms. 
This chapter discusses the structure of online P2P lending platforms and 
reviews how the disclosure of hard and soft information, and herding can 
reduce information asymmetries. The chapter concludes with a discus-
sion of further avenues for research.

Keywords  P2P lending · Online P2P lending · Information 
asymmetry

2.1  introduction

It is widely agreed that small businesses play a critical role in economic 
growth, regardless of country size or development, by providing employ-
ment and income to a broad range of citizens, supporting a wider  
eco-system of firms, and fostering innovation (OECD 2017a). Their via-
bility, sustainability, and growth depend on access to strategic resources, 
not least finance. The supply and sourcing of financing is a perennial 
strategic challenge for small businesses the world over, exacerbated by 
their innate characteristics and market inefficiencies. Due to under- 
collateralisation, limited or no credit history, and lack of sophisticated finan-
cial statements (and the expertise to produce such statements), a higher 
level of default risk is typically attached to small businesses and as a result 
access to credit is limited (Bhide 2003; OECD 2013). This situation per-
sists despite a consistent decrease in the costs of financing in recent years, 
partly as result of the aforementioned characteristics of small business but 
also as a result of supply-side lending policies by traditional credit sources 
during the recent recession (Mills and McCarthy 2014; OECD 2017b).

Digital technologies are transforming the business models and dra-
matically increasing access to markets for small businesses. In the same 
way, it is also transforming how these businesses access finance and from 
whom. This chapter explores online peer-to-peer (P2P) lending, a form 
of crowdfunding (see Chapter 1) that bypasses conventional interme-
diaries, processes, and requirements to connect borrowers and lenders 
(Yum et al. 2012). Information asymmetry is a key issue in P2P lend-
ing that can result in moral hazard or adverse selection (Akerlof 1970) 
and ultimately impact the viability and success of individual P2P lend-
ing platforms. Both P2P lending platforms and lenders seek to minimise 
the impact of information asymmetries through a variety of mechanisms, 
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most notably by supplementing hard information with soft information, 
and herding. The remainder of this chapter discusses the structure of 
online P2P lending platforms in greater detail. Extant literature on infor-
mation asymmetries and online peer-to-peer lending platforms is then 
discussed. The chapter concludes with a discussion of further avenues for 
research.

2.2  online Peer-to-Peer lending Platforms

Online P2P lending platforms represent a convergence of P2P lending 
and collective financing, enabled by an Internet-based platform. Both 
P2P lending and collective financing are not new ideas in themselves. 
New venture financing, in particular, often mobilises existing peers based 
on family, friendship, or professional social relationships with the entre-
preneur(s) (Berger and Udell 1998; Kotha and George 2012; Robb and 
Robinson 2014). This type of funding is often referred to as insider or 
informal funding in contrast to formal finance, whether intermediated 
from an equity or debt perspective (Berger and Udell 1998). Similarly, 
collective financing has a long history. Haas et al. (2014) cite the funding 
of the Statue of Liberty’s pedestal in the nineteenth century as an early 
example of collective financing. In contrast, online P2P lending platforms 
harness the power of the Internet to enable an online marketplace for 
microcredit funding that acts as an intermediary to connect individuals or 
businesses wishing to obtain a loan (borrowers) with individuals and insti-
tutions wishing to fund loans (lenders). Lenders may not necessarily have 
existing social relationships with the entrepreneurs, management, or the 
business, and are more likely strangers with no preexisting relationship. 
They may be individuals or organisations established to provide credit on 
a formal basis. As such, online P2P lending platforms may, and increas-
ingly do, allow traditional credit institutions such as banks to invest.

Online P2P lending marketplaces are two-sided networks where 
a P2P lending platform enables interactions between the demand (the 
borrower) and supply (the lender) sides of the network.1 As well as 
recruiting potential borrowers and lenders (market-making), the P2P 
lending platform sets the rules or terms of engagement between bor-
rowers and lenders in the platform. Typically, registered borrowers post 

1 For the remainder of this chapter, ‘P2P lending’ refers to online P2P lending.
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their funding requirements on the platform and provide a relatively lim-
ited amount of information for due diligence purposes. The amount of 
information potential borrowers are required to submit varies among 
different platforms. For individuals, this might include detail on income, 
employment, other debt, purpose of loan, and a personal statement; 
for businesses, this typically includes financial accounts, some form of 
statement of historic trading, along with details of the lending propo-
sition. In some marketplaces, additional information or verification can 
be requested (see later discussion on groups). The P2P lending platform 
then makes a decision to list the loan request or not. The P2P lending 
platform collects and scores prospective borrowers individually or as a 
pool, typically using a proprietary credit scoring mechanism. The poten-
tial loan requests are then offered to the prospective lenders through the 
platform. The prospective lenders then can decide to make offers (bids) 
to meet the full or partial loan requirements at a specific interest rate, if 
any.2 Depending on the platform’s functionality, such bids can be made 
by the prospective lenders manually (and independently), in groups, or 
using automated rule-based tools for portfolio management offered by 
the platform. By allowing lenders to invest in multiple small loans or 
small parts of a loan, the platform offers them the opportunity to diver-
sify their loan portfolio and associated risk. The loan is funded when the 
minimum loan requirements are met, i.e. loan amount and interest rate. 
Finally, once the loan has been granted, the platform facilitates the loan 
processing and repayments and continues to collect and analyse the data 
relating to the loan and borrower for use in future credit scoring. P2P 
platforms mainly generate income from (1) origination fees from the 
borrower deducted at loan disbursement, (2) repayment fees charged to 
the lender when the borrower pays a monthly statement, and (3) addi-
tional charges such as late fees, loan part trading fees etc.

While the P2P lending platform undertakes a variety of functions 
including market-making, loan processing, and community-building 
activities, they do not, as a rule, participate in lending decisions (Meyer 
2007; Wang et al. 2009).3 As they do not make lending decisions  

2 In some social lending platforms, the interest rate can be zero e.g. kiva.org.
3 A variant of online peer-to-peer lending platforms, balance sheet business lending and 

balance sheet property lending, has emerged in recent years and involves the platform 
entity providing loans directly to businesses. It accounts for a very small proportion of the 
sector. This has been excluded from this chapter as there is typically no market for the loans 
per se and the platform and lender are one and the same.

http://kiva.org
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(or collect deposits as in traditional banks), they have much lower trans-
action and intermediation costs than conventional credit institutions–key 
drivers of interest margins (Maudos and Guevara 2004). Operating costs 
are minimised through the use of online automated systems, operating 
outside the banking regulatory system, and not carrying the loans on 
their books thus avoiding liabilities for loans (Serrano-Cinca et al. 2015). 
These lower costs are transferred across to both the supply and demand 
sides of the P2P network. Accordingly, borrowers are attracted to P2P 
lending platforms by transparency, rapid decision-making, the promise of 
non-collateralised loans often at competitive interest rates (Sviokla 2009; 
Wang et al. 2009; IOSCO 2017) and lenders are attracted by lower 
transaction costs, risk diversification, access to market, and higher poten-
tial returns (Morse 2015; IOSCO 2017).

Given the strong incentives for all stakeholders in the P2P lending 
value network, it is unsurprising that the P2P lending segment has expe-
rienced rapid and substantial growth since the launch of what is con-
sidered the first online P2P lending platform, Zopa.com, in 2005. P2P 
lending platforms may be categorised in a variety of ways including busi-
ness model (profit/not-for-profit), number of borrowers per loan (one-
to-one/one-to-many), borrower type (consumer/business) or loan use 
(e.g. real estate financing). P2P lending is still at a relatively early stage 
of development and analyst reports on market sizing is characterised by 
regional focus, definitional ambiguity, and significant variances. Table 2.1 
provides a summary of the size of the overall market and main segments 
by region.

The rapid growth of P2P lending has been justified through two main 
arguments–financial intermediation theory and market equilibrium the-
ory (Serrano-Cinca et al. 2015). The financial intermediation hypothe-
sis suggests that as P2P lending platforms are more cost efficient than 
traditional credit institutions and therefore have lower intermediation 
costs, they are more attractive to both lenders and borrowers for the 
reasons discussed earlier. The market equilibrium hypothesis recognises 
that if markets function efficiently, supply and demand should be in equi-
librium. However, a credit rationing problem exists, particularly in eco-
nomic downturns, in that some prospective borrowers may not receive 
loans even if they are willing to pay higher interest rates. Proponents 
of the market equilibrium hypothesis argue that P2P lending platforms 
solve this credit rationing problem and bring the credit market towards 
equilibrium.

http://Zopa.com


20  M. CUMMINS ET AL.

2.3  information asymmetries and Peer  
to Peer lending Platforms

As discussed previously, except in a limited number of instances, for 
example, balance sheet business lending and balance sheet property 
lending, loans are granted by lenders and not the platform per se; the 
platform operator transfers the credit risk to the lenders. Addressing 
information asymmetries is a major theme of P2P lending platform 
research. As in the overwhelming majority of investment decisions, P2P 
lenders are at a disadvantage to the borrower with regard to the loan 
decision. The borrower has near-complete information while the lender 
has only what is presented by the P2P lending platform. As such, plat-
form operators must design mechanisms into their platform and process 
to reduce these asymmetries while not demotivating either potential bor-
rowers or lenders with unnecessary barriers to participate. Such mech-
anisms include provision point mechanisms (all or nothing), general 
platform rules, feedback systems, crowd due diligence, and safeguard 
funds. The provision of data and associated analysis and, in particular big 
data as online P2P lending marketplaces reach sufficient scale, is a criti-
cal component of differentiating P2P lending platforms but also reduc-
ing information asymmetries (Yan et al. 2015). A key mechanism in all 
P2P lending platforms is some form of categorisation of a loan, typically 
proprietary, based on some platform assessment of the creditworthi-
ness of the borrower represented by a credit grade (if not a credit score) 

Table 2.1 Size of the P2P lending market by region

Notes All figures are reported in USD/billions
Sources Cambridge Centre for Alternative Finance (2017a, b, 2018a, b)

Region Total market size P2P consumer lending P2P business lending

2015

The Americas 28.70 18 2.6
Asia Pacific and China 108.85 52.78 39.99
Europe 1.108 0.398 0.23
Middle East and Africa 0.242 0.010 0.023

2016

The Americas 35.2 21.1 1.3
Asia Pacific and China 244.43 137.02 58.51
Europe 2.171 0.733 0.368
Middle East and Africa 0.36 0.033 0.031
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representing the likelihood that the borrower will repay their debt. Such 
scores are derived from mandatory information disclosures from pro-
spective borrowers such as credit history and personal data, but also 
supplemental voluntary information disclosures including more detailed 
biographical data, photographs, and in some cases, peer endorsements 
(Yan et al. 2015). Both conventional and non-standard information has 
been explored by researchers in terms of their contribution to key out-
comes of the lending process, e.g. loan funding, final interest rate level, 
and default.

The importance of the credit grade as a signal is underlined by extant 
research which suggests, unsurprisingly, that higher credit grades are 
predictive of successful loan funding and lower risk of default (Greiner 
and Wang 2010; Emekter et al. 2015). A significant focus of research 
has been on so-called hard information which is easy to compare across 
borrowers and categories of borrowers. In addition to credit grade, 
debt-income ratio, bank account verification, and borrower debt level 
have been found to be significant for predicting funding probability and 
final interest rate (Greiner and Wang 2010; Serrano-Cinca et al. 2015). 
Despite this, it should be noted that Freedman and Jin (2008) suggest 
that exposure to credit grades rather than actual credit scores adversely 
effects loan decision making. In a similar vein, recent research suggests 
that credit grades may not represent accurate estimates of borrowers’ 
creditworthiness, and that the accuracy of hard information for P2P 
lending decision-making is improved with further information disclosure 
(Serrano-Cinca et al. 2015; Tao et al. 2017; Zhu 2018).

Soft information in the context of P2P lending research typically 
refers to information about the borrower and their individual situation 
(Dorfleitner et al. 2016). Soft information is often viewed as a means 
to addressing information asymmetry and associated adverse selection 
in P2P lending platforms (Weiss et al. 2010; Gao et al. 2016; Prystav 
2016). Iyer et al. (2009) suggest that screening through soft infor-
mation, in this case, the number of friend endorsements and the loan 
purpose, is relatively more important when evaluating lower-quality 
borrowers. This is consistent with Prystav (2016) who found that bor-
rowers with poorer relative credit ratings will be ignored if not for soft 
information. Gao et al. (2016) also identify that loan purpose is taken 
into account by lenders but they also note that they may be deceived 
by such information. Several studies have examined the narrative descrip-
tions provided in loan listings. Research by Pötzsch and Böhme (2010) 
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suggests that communicating soft information relating to the borrower’s  
education, profession, and qualifications had a small but significant 
effect. Research by Herzenstein et al. (2011b) suggest that borrower 
claims about themselves (identities) in narratives that focus on trustwor-
thiness or success increase the likelihood of loan funding but have less 
predictive loan performance than other identities, e.g. borrowers claim-
ing economic hardship. Furthermore, borrowers who claim more iden-
tities in narratives both have increased likelihood of loan funding and a 
reduced final interest rate. Similarly, Michels (2012) suggests that vol-
untary information disclosures, over and above those required by the 
platform, even when unverified, results in an increase in bidding activity 
by prospective lenders and a reduction of interest rates. Dorfleitner et al. 
(2016) compared two European P2P lending platforms, and found that 
description text, and specifically spelling errors, text length, and the sen-
timent intensity of keywords, predicted funding probability on the less 
restrictive of the two platforms examined. Gao et al. (2016) show that 
the presence of well-established features that influence reader behaviours 
(readability, positive tones, and deception cues) in narrative texts of loan 
listings all meaningfully relate to loan repayment.

Many researchers have explored the extent to which lenders are 
rational or perceptual in their decision-making on P2P lending plat-
forms. Research on the Prosper.com platform by Herzenstein et al. 
(2008) suggests that prospective borrowers who provided a photo 
affected loan success negatively but found while demographic attrib-
utes, such as race and gender do affect likelihood of funding success, 
their influence was minor compared to other factors. Pope and Sydnor 
(2011) examining the same platform found evidence of racial dispari-
ties with loan listings featuring pictures with ‘blacks’ 25–35% less likely 
to receive funding than pictures featuring ‘whites’. Similarly, Ravina 
(2012) reports that after hard information is taken into account, more 
attractive prospective borrowers have a higher likelihood of loan fund-
ing and lower interest rates and that consistent with Pope and Sydnor 
(2011) identifies disparities between ‘blacks’ and ‘whites’. Again using 
photographs of borrowers from Prosper.com, Duarte et al. (2012) found 
that borrowers who appear more trustworthy have higher probabili-
ties of having their loans funded, have better credit scores and default 
less often. Age-based research would seem to be conclusive. Gonzalez 
and Loureiro (2014) found that loan success is sensitive to relative age 
and attractiveness. Furthermore, they found that (a) attractiveness had 

http://www.Prosper.com
http://www.Prosper.com


2 ADDRESSING INFORMATION ASYMMETRIES IN ONLINE PEER-TO-PEER …  23

no effect where perceived age might signal competence, and (b) when 
the lender and borrower were of the same gender, attractiveness might 
negatively impact loan success. Similarly, research on Chinese borrower 
perceptions by Chen et al. (2016) suggests that borrowers perceived hav-
ing a shared birthplace, location or occupation with lenders increased the 
‘ease of funding’. Burtch et al. (2014) note that location proximity and 
cultural differences in borrower and lender country of origin impact loan 
funding.

In many, but not all, P2P lending platforms operate auctions where 
the loan is only funded on a ‘fund it all’ basis, i.e. there must be suffi-
cient bids to fund the loan amount requested loan in its entirety. This 
is sometimes referred to as the “rule of full funding” (Herzenstein 
et al. 2011a). As per other financial markets, where there is asymmetric 
(or imperfect) information, investors tend to herd (Bikhchandani and 
Sharma 2000). Bikhchandani and Sharma (2000, p. 280) define herding 
as follows:

an individual can be said to herd if she would have made an investment 
without knowing other investors’ decisions, but does not make that invest-
ment when she finds that others have decided not to do so. Alternatively, 
she herds when knowledge that others are investing changes her decision 
from not investing to making the investment.

Bikchandani and Sharma (2000) differentiate between two types of 
herding–intentional and spurious. The former occurs when one set 
of investors copies another set of investors behaviour intentionally, i.e. 
the mimicry is post hoc; the latter occurs when investors behave simi-
larly whether they are aware of the others investors’ behaviour or not. 
Intentional herding may be rational or irrational. Rational herding is 
based on the observation of publicly visible investment choices or actions 
by one or more investors and therefore involves some form of observa-
tional learning and information cascades. In contrast, irrational whereas 
irrational herding is based on irrational beliefs or sentiment and is typi-
fied by momentum-investment strategies.

In the context of P2P lending, lenders may be particularly prone 
to herding due to the transparent nature of the platforms. Indeed this 
transparency and access to data also makes such platforms a fertile space 
for academic research. Berkovich (2011) analyses data from Prosper.
com and his findings suggest that there is evidence of herding as per 

http://www.Prosper.com
http://www.Prosper.com
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the model in Berkovich and Tayon (2009). Herzenstein et al. (2011a) 
examine strategic herding behaviour by lenders, again on Prosper.com. 
They identify that lenders are likely to herd in active auctions up until 
the loan is fully funded at which point, herding behaviour decreases. 
Interestingly, Herzenstein et al. (2011a) find that there is a positive asso-
ciation between strategic herding and loan repayment and suggest that 
such behaviour therefore benefits lenders individually and collectively. 
Zhang and Liu (2012) explore Prosper.com data also and conclude that 
the lenders engage in both rational and irrational herding based on the 
evidence of observational learning. Zhang and Liu’s study is noteworthy 
as they observed counterintuitive herding effects, e.g. low credit scores 
amplified herding effects whereas favourable borrower characteristics 
seem to dampen herding effects. They also found that rational herding 
outperformed irrational herding in predicting loan performance.

Lee and Lee (2012) explore herding behaviour on a Korean P2P 
lending platform, Popfunding.com. Again, they find strong evidence 
of herding behaviour including a diminishing marginal effect of the 
observed herding behaviour as per Herzenstein et al. (2011a). More 
recently, Zhang and Chen (2017) investigate herding on a Chinese P2P 
lending platform. Again they find evidence of herding and in this case are 
able to identify both rational and irrational herding behaviour.

As a final related point, it is worth noting research relating to bor-
rower groups within P2P lending platforms. In some P2P lending plat-
forms, such as Prosper.com, it is common for borrowers to form groups 
comprising other borrowers, who may also in themselves act as lenders. 
Group leaders may set membership criteria that can require additional 
information from members over and above that required by the P2P 
lending platform and which may only be available to group leaders or 
the group. This group-specific private information is not available to all 
participants in the P2P lending platform. Given their status in groups, 
group leaders may wield considerable influence through endorsements 
or leading bidding. Research is inconclusive on groups (Lee and Lee 
2012). Everett (2015) suggests that membership in a group with pri-
vate information or enhanced monitoring is associated with lower default 
rates however not necessarily lower interest rates (Everett 2015). Everett 
(2015) suggests this private information disclosure, while solving an 
information asymmetry problem for some lenders, introduces a hold-up 
problem for some borrowers. Everett (2015) finds that consistent with 

http://www.Prosper.com
http://www.Prosper.com
http://www.Prosper.com
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extant literature, the interest rate often depends on the social relationship 
with the prospective borrower and the quality of the credit rating with 
more professional lenders seeking higher economic rents through higher 
interest rates. Notwithstanding this, Chen et al. (2016) find that group 
membership and the borrower’s credibility and trust within that group 
yielded inconsistent results, however, the degree of group inclusiveness 
had a negative impact on, his/her funding and repayment performance.

Borrower groups may also play a role in herding. For example, group 
leader endorsements and bidding can initiate cascades leading to herd-
ing. Regarding the impact of group leader actions on loan funding, 
Kumar (2007) suggests group leader endorsement can increase the like-
lihood of loan funding success. However, the impact of group leader 
behaviour on interest rates is less conclusive. For example, while Berger 
and Gleisner (2010) suggest that active bidding by the group leader with 
others, and in itself, may result in lower interest rates, Freedman and Jin 
(2008) suggest that in certain instances group leader actions will increase 
the average interest rate.

2.4  conclusions and future  
directions for research

In this chapter, we provided an overview of online P2P lending platforms 
and discussed the extant literature on how information asymmetries are 
reduced through various platform mechanisms and the lenders them-
selves, including information disclosure, herding and relatedly in-platform  
groups. Peer-to-peer lending as a subset of the wider crowdfunding and 
FinTech domain is experiencing rapid adoption worldwide and is the 
dominant segment of most alternative finance markets. While there is a 
substantial literature base on information asymmetries and P2P lending, 
the increasingly global adoption of P2P lending, the proliferation of new 
platforms and marketplaces, and the evolution of new technologies pro-
vides a fertile ground for future research which we will discuss briefly.

Researchers have suggested that understanding the behaviour, and in 
particularly the ‘inner life’, of investors requires a greater appreciation of 
the both the socio-economic and technical context in which investment 
takes place (Hirsto 2011; Zwick and Schroeder 2011). For example, US 
data prior to 2008 operated under a different regulatory environment 
when the SEC required registration under the Securities Act of 1933 
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resulting in changes to platform operation. Similarly, different countries 
operate under different levels of regulation and oversight. While there 
has been a small number of European studies and an increasing base 
of literature from China, the majority of early research has a US-focus. 
There is little truly comparative work examining the impact of local 
socio-economic forces, culture, language, and other aspects of national 
identity on borrower and lender behaviour on domestic and interna-
tional P2P lending platforms.

The number of P2P lending platforms has increased dramatically since 
2005. In China alone, media reports suggest over 2000 P2P lending 
platforms were active in the market in February 2018. Today, there are 
P2P lending platforms of every hue; they each have different features, 
functionalities, and affordances that impact the operation of the market. 
As with geo-cultural focus of early research, early P2P lending research 
focused on available datasets such as Prosper.com. Whether extant find-
ings are generalisable across all platforms and take into account platform 
idiosyncrasies is worthy of further exploration.

The role and impact of information disclosure, hard and soft, has 
been the focus of much of the academic research to date. In this era of 
big data and API-fication, platforms are increasingly looking to integrate 
third-party data sources into P2P lending platforms. Yan et al. (2015) 
discuss the potentially transformational role such big data can have in 
reducing information asymmetry through reduced signalling and search 
costs. While highlighting the benefits of increased data volumes and vari-
ety, they warn that such volumes and velocity of data will only reduce 
information asymmetries where the quality of the data analysis and sub-
sequent analysis is relatively high. Related technologies such as machine 
learning, deep learning and artificial intelligence similarly can contrib-
ute to loan decision-making and reducing information asymmetries but 
provide their own unique challenges and may result in unexpected con-
sequences, not least diluting or removing the human element in P2P 
lending.

This chapter primarily focuses on information disclosure and herding 
as a means of reducing information asymmetries in P2P lending. Due to 
the large number of platforms operating today, there is greater heteroge-
neity in the structural mechanisms for reducing information asymmetries 
including provision point mechanisms, platform rules, contractual agree-
ments, etc. The heterogeneity, scale, and global footprint of P2P lending 

http://www.Prosper.com
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and the strategic necessity of reducing information asymmetries to 
ensure the efficient operation of P2P lending platforms ensure a fervent 
space for scholarly inquiry and impact.
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