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A Deep Learning model can predict the solid loading of a

system from 1ts CLD more accurately and 1in real time.
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4. Conclusions

 This model is a more accurate prediction method for in-line FBRM
solid loading measurements from CLDs than the PLS model in [1].

 The transferability of the model is low due to the heterogeneity of
the datasets and needs improvement.

Example in-line (PVM) images of the datasets above. Reference: [1] Ferreira et al. DOI: 10.1016/J.POWTEC.2020.08.015
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