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Abstract
We study the asymptotic behaviour of a d-dimensional self-interacting random
walk (X, )nen (N :={1,2,3,...}) which is repelled or attracted by the centre of mass
Gn =n"13 1| X; of its previous trajectory. The walk’s trajectory (Xi,...,Xp,)
models a random polymer chain in either poor or good solvent. In addition to some
natural regularity conditions, we assume that the walk has one-step mean drift

E[Xn—l—l - Xn | Xn - Gn = X] ~ pHX”ﬁBk

for p € Rand > 0. When 8 < 1 and p > 0, we show that X, is transient with
a limiting (random) direction and satisfies a super-diffusive law of large numbers:
n~ /A8 x, converges almost surely to some random vector. When 3 € (0, 1) there
is sub-ballistic rate of escape. When 8 > 0 and p € R we give almost-sure bounds
on the norms || X,||, which in the context of the polymer model reveal extended
and collapsed phases.

Analysis of the random walk, and in particular of X,, — G,,, leads to the study
of real-valued time-inhomogeneous non-Markov processes (Z,)nen on [0, 00) with
mean drifts of the form

E[Zpi1 — Zn | Zn = 2] ~ pa P — % (0.1)
where 8 > 0 and p € R. The study of such processes is a time-dependent variation
on a classical problem of Lamperti; moreover, they arise naturally in the context of
the distance of simple random walk on Z% from its centre of mass, for which we also
give an apparently new result. We give a recurrence classification and asymptotic
theory for processes Z,, satisfying (0.1), which enables us to deduce the complete
recurrence classification (for any 8 > 0) of X,, — G,, for our self-interacting walk.
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1 Introduction

We study a self-interacting random walk. Self-interacting random processes, in which the
stochastic behaviour depends on the entire previous history of the process, present many
challenges for mathematical analysis (see e.g. [4,34] and references therein) and are often
motivated by real applications.

Although not a random process in the same sense, the self-avoiding walk is a prototy-
pical example of a self-interacting random walk that gives rise to important and difficult
problems. Random self-avoiding walks were introduced to model the configuration of
polymer molecules in solution. The sites visited by the walk represent the locations of
the polymer’s constituent monomers; successive monomers are viewed as connected by
chemical bonds. The classical self-avoiding walk (SAW) model takes uniform measure on
n-step self-avoiding paths in Z<. In the important cases of d € {2, 3}, there are still major
open problems for such walks: see for example [26,28] and [17, Chapter 7], or [37, Chapter
7] for a mathematical physics perspective.

The loop-erased random walk (LERW), obtained by erasing chronologically the loops of
a random walk, was introduced in [24] to study SAW, but it was soon realized that the two
processes belong to different universality classes. For its independent interest, including
applications to combinatorics and quantum field physics, LERW has received considerable
attention and now there is a more precise picture of its behaviour, which shows fine
dependence on the spatial dimension. In the planar case, the mean number of steps for
LERW stopped at distance n is of order n°/* [20], and the scaling limit is conformally
invariant, described by the radial Schramm-Loewner evolution with parameter 2 [25].

A different perspective on polymer models concerns directed polymers, where the
self-interaction is reduced to a trivial form but interesting phenomena arise from the
interaction with the medium: see [14, 16] for recent surveys for localization on inter-
faces (pinning, wetting) possibly with time-inhomogeneities (e.g. copolymers), and [9] for
interactions with a time-space inhomogeneous medium leading to localization in the bulk.

In the standard framework, SAW cannot be interpreted as a dynamic (or progressive)
stochastic process. There have been many attempts to formulate genuine stochastic
processes with similar behaviour to that of, or at least conjectured for, SAW. A recent
model is the random walk on R? which at each step avoids the convex hull of its preceding
values [2,39]. Unlike the conjectured behaviour of SAW, this model is ballistic (see [2,39]),
i.e., it has a positive speed. The discrete version on Z?2, the dynamic prudent walk, has
been studied in [5]: it is ballistic with speed 3/7 (in the L' norm), but, in contrast to
the (conjecture for the) continuous model, it does not have a fixed direction (see [5]).
Ballisticity is known for other types of self-interacting random walks: see [7,18].

In this paper we consider a self-interacting random walk model that is a tractable
alternative to SAW, and is distinguished from the models of [2,5,7,18,39] by exhibiting a
range of possible scaling behaviour, including sub-ballisticity (i.e., zero speed) and super-
diffusivity. Our model is tunable, with parameters that in principle can be estimated
from real data, and it can be used to represent polymers in the extended phase (for good
solvent) or collapsed phase (poor solvent). The self-interaction in the model at time n
is mediated through the barycentre or centre of mass of the past trajectory until time n.
Specifically, our random walk will at each step have a mean drift (typically asymptotically
zero in magnitude) pointing away from or towards the average of all previous positions.
We now informally describe the probabilistic model; we give a brief description of the
motivation and interpretation arising from polymer physics in Section 3.3.



Let d € N:={1,2,3,...}. Our random walk will be a discrete-time stochastic process
X = (X,)nen on R For n € N, set

1 n
Gn = X’i7 1.1
- Z:; (1.1)
the centre of mass (average) of {Xy,..., X, }. In addition to some regularity conditions

on X that we describe later, our main assumption will be that the one-step mean drift
of the walk after n steps is of order || X,, — G,||7? in the direction +(X,, — G,,), where
f >0 is a fixed parameter; here and subsequently || - || denotes the Euclidean norm on
R?. Loosely speaking for the moment, we will suppose that for some p € R and 3 > 0,

E[X,i11 — X | X — Go = x] = pllx]| %, (1.2)

for any n € N and x € R4\ {0}, where x := x/||x]|| denotes a unit vector in the x-direction
and 0 is the origin in R?. We attach no precise meaning to ‘~’ in (1.2) (or elsewhere); it
indicates that we are ignoring some terms and also that we have not yet formally defined
all the terms present. We describe the model formally and in detail in Section 2 below.

The natural case of our model to compare to the walk that avoids its convex hull [2,39]
has f = 0 and p > 0, when our walk has positive drift away from its current centre of
mass. In our =0, p > 0 setting we show that the walk has an asymptotic speed and an
asymptotic direction, properties which are conjectured but not yet proved for the walk
avoiding its convex hull [2,39]. Our results however cover much more than this special
case. For example, the case of our model that we might expect to be in some sense
comparable to SAW in d = 2 has § = 1/3, p > 0: see the discussion in Section 3.3 below.

To give a flavour of our more general results, described in more detail in Section
2.2 below, we now informally describe our results in the case where (1.2) holds with
p>0and € [0,1). Under suitable regularity conditions, we show that X is transient,
i.e. ||X,| — oo a.s., and moreover we prove a strong law of large numbers that precisely
quantifies this transience: n~'/1+9| X, || is asymptotically constant, almost surely. In
addition, we show that X, has a limiting direction, that is, X, /|| X,| converges a.s. to
some (random) unit vector. Thus we have, in this case, a rather complete picture of the
asymptotic behaviour of X,. For other regions of the (p, ) parameter space we have
other results, although we also leave some interesting open problems.

The self-interaction in the model is introduced via the presence of G,, in (1.2). If the
condition {X,,—G,, = x} in (1.2) is replaced by {X,, = x} then there is no self-interaction
in the drift, which instead points away from a fixed origin. Such non-homogeneous
‘centrally biased’ walks were studied by Lamperti in [21, Section 4] and [23, Section 5];
for more recent work see e.g. [13,27,31]. Considering the process of norms Z, = ||.X,||
leads to a process on [0, 00) with mean drift

E[Zns1 — Zy | Zn = x] = plz™", (1.3)

ignoring higher-order terms. Such ‘asymptotically zero-drift’ processes are of independent
interest; the asymptotic analysis of such (not necessarily Markov) processes is sometimes
known as Lamperti’s problem following pioneering work of Lamperti [21-23]. From the
point of view of the recurrence classification of processes satisfying (1.3), the case f =1
turns out to be critical, in which case the value of p/ € R is crucial: we give a brief
summary of the relevant background in Section 3.1 below.



We shall see below that considering the process Z, = || X,, — G,|| with X,, satisfying
(1.2) leads to a more complicated form of (1.3). Loosely speaking, we will obtain

ElZuis = Zo | Zn = o) % pa? = 2. (1.4)

We note that the two terms on the right-hand side of (1.4) are typically of the same
order, as can be predicted by solving the corresponding differential equation, and so both
contribute to the asymptotic behaviour.

Comparing (1.4) with (1.3), we see that the drift is now time- as well as space-
dependent. (A different variation on (1.3) with this property was studied in [30], where
processes with drift pr®n~" were considered.) Thus (1.4) is an interesting starting point
for analysis in its own right. Additional motivation for (1.4) arises naturally from simple
random walk (SRW) and its centre of mass: if Z,, = || X,, — G,,|| where X, is a symmetric
SRW on Z? and G, its centre-of-mass as defined by (1.1), Z, satisfies (1.4) with 3 = 1
and p' = p/(d); see Section 3.2 below.

Let us step back from the general setting for a moment to state one consequence of
our results, which is a (seemingly new) observation on SRW:

Theorem 1.1. Let d € N. Suppose that (X, )nen s a symmetric SRW on Z%, and
(Gn)nen is its centre-of-mass process as defined by (1.1). Then

(a) liminf, o || X, — G| < o0 a.s. for d € {1,2};
(b) lim, o || Xy, — Gy|| = 00 a.s. for d > 3.

Pélya’s recurrence theorem says that X, is recurrent in d < 2 and transient in d > 3,
while results of Grill [15] say that the centre-of-mass process G, is recurrent only in
= 1 and transient for d > 2. Thus the asymptotic behaviour of X,, — GG,, is not trivial,
Theorem 1.1 says that it is recurrent if and only if d € {1,2}. In particular when d = 2,
X, and X,, — G,, are both recurrent, but G,, is transient; see Figure 1 for a simulation.

Remark 1.1. Theorem 1.1 exhibits an amusing feature. With the notation A, = X, 11—
X, it is not hard to see from (1.1) that we may write (with X, :=0)

n—1 . n—1 .
anz<1—%>Ai; Xn—Gn:Z(%)Ai.

=0 i=0

It follows that (for fixed n) X,, — G,, and G, are very nearly time-reversals of each other:
writing A :== A, _; we see that

Xn—Gn_i(l—%)A;.

i=1

Despite this, the two processes behave very differently, as can be seen by contrasting
Theorem 1.1 with Grill’s result [15].

It is natural to ask whether a continuous analogue of Theorem 1.1 holds. In the
one-dimensional case, we would take B; to be standard Brownian motion and G; =
t1 fg Bsds, and ask about the joint behaviour of (By, G;); in higher dimensions, writing

the d-dimensional Brownian motion as (Bt(l), e ,Bt(d)), the ith component Ggi) of Gy is



t! fot Bgi)ds, and different components are independent. We could not find a Brownian
analogue of Grill’s theorem [15] for (compact set) recurrence/transience of G; explicitly
stated in the literature. The process (tGy)i>o is integrated Brownian motion, or the
Langevin process, see e.g. [3,19] and references therein. The two-dimensional process
(By, tGy)i>0 is the Kolmogorov diffusion [19]. Theorem 1.1 gives basic information about
the joint behaviour of a discrete version of this process, under a re-scaling of the second
coordinate.
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Figure 1: Simulation of 4 x 10* steps of symmetric SRW starting at the origin of Z* and
its centre of mass process (thick line). [color online]

In Section 2 we formally define our self-interacting random walk and state our main
results. In Section 3 we discuss some more of the motivation behind our model (coming
from the physics of polymers and also purely theoretical considerations) and also the
one-dimensional problems associated with (1.3) and (1.4), and explain how SRW (and
Theorem 1.1) fits into our picture. The subsequent sections are devoted to the proofs.



We finish this section with some comments on the relation of our model to the existing
literature. We are not aware of any self-interacting random walk models similar to the
one studied here (i.e., interacting with the previous history of the process, as summarized
through the barycentre). In broad outline, our model is related to the vertex-reinforced
random walk (see [34, Section 5.3]) in that the evolution of the walk depends on the sites
previously visited. A significant difference is that in vertex-reinforced random walk this
self-interaction is local, in that only the occupation of nearest-neighbours of the current
site affects the law of the increment, whereas our interaction, mediated by the barycentre,
is global. In the continuous setting, self-interacting diffusions (or ‘Brownian polymers’)
with similar flavour and motivation to those of our model have also been studied over
the last two decades or so, but are rather different in detail to the model considered here:
see e.g. [4,11,32,33] and references therein; some recent work on processes with self-
attracting drift defined through a potential includes [6]. In the self-interacting diffusion
setting, most of the results in the literature are concerned with the ergodic case; questions
of recurrence/transience seem to have received little attention (particularly in dimensions
greater than 1), and we do not know of any results on asymptotic directions. Also, it is
typically assumed that the vector consisting of the process and its empirical average are
Markovian, whereas our model is more general. See [32, Section 1] for a short survey.

2 The model and main results

2.1 Definitions and assumptions

We now define the stochastic process X := (X, )neny on R? (d € N) that is our main
object of study. (We start at time n = 1 only so that (1.1) has the neatest form.) The
process X will not be Markovian, as the distribution of X, will depend on the entire
history X,...,X,, although to a large extent this dependence will be mediated through
the current centre of mass G, defined at (1.1). Formally, we suppose that (X,,),en is
adapted to the filtration (F,),en; note that by (1.1) Gy, ..., G, are F,-measurable. We

use the notation P,[-] := P[- | F,] and E,[-] := E[- | F,]. Throughout the paper we
understand log z to mean logx if x > 1 and 0 otherwise.
We impose some specific assumptions on the law of A, := X1 — X,, given F,. We

assume that for some B € (0,00) and all n € N,
P.[|A.l < B] =1, as.. (2.1)

The assumption of uniformly bounded jumps can be replaced by an assumption on higher
order moments at the expense of additional technical complications, but (2.1) is natural
when the increments represent chemical bonds in a model for a polymer molecule.

Our next assumption will be a precise version of (1.2). We suppose that for some
p € Rand g >0, for any n € N, writing x = X,, — GG,, for convenience,

En[An] = pllx]| 7% + O(|x[ ™ (log [Ix]1) ), a.s., (2.2)

as ||x|| — oo, where x := x/||x]|. (In (2.2) the exponent —2 on the logarithm is chosen
for simplicity; it could be replaced with any exponent strictly less than —1.) In equation
(2.2) and similar vector equations in the sequel, terms such as O( - ) indicate the presence
of a vector whose norm satisfies the given O(-) asymptotics (similarly for o(-)); error



terms not involving n are understood to be uniform in n. To be clear, (2.2) is to be
understood as, with X,, — G,, = x, as ||x|| = oo,

sup ess sup [ Ea[Ay] — pllx]| =] = O(lx]| =" (log [|x[|) ).

neN

We also need to assume a uniform ellipticity condition, to ensure that our random
walk does not get ‘trapped’ in some subset of R?. Let Sy := {e € R? : |le|| = 1} denote
the unit-radius sphere in R¢. We suppose that there exists gy > 0 such that

ess inf P, [A,, - e > gg] > &y. (2.3)
ecSy
Write A,, = (Ag), c A%d)) in Cartesian components. An immediate consequence of

(2.3) is the following lower bound on second moments: a.s.,

min  E,[(AD)?] > 23 > 0. (2.4)
ie{1,....d}

Our primary standing assumption will be the following.

(A1) Let d € N. Let X := (X,,)nen be a stochastic process on R? and G := (G, )ney its
associated centre-of-mass process defined by (1.1). For definiteness, take X; € R?
to be fixed. Suppose that for some B < 0o, g9 > 0, p € R, and # > 0 the conditions
(2.1), (2.2), and (2.3) hold.

In the examples discussed later (see Section 2.3), (X, G,)nen will be a Markov pro-
cess, but we do not assume the Markov property in general.

When § = 1, as in the Lamperti case [21,23] the value of p in (2.2) will turn out
to be crucial. As in Lamperti’s problem, the recurrence classification depends on the
relationship between p and the covariance structure of A,,. To obtain an explicit criterion,
we impose additional regularity conditions on that covariance structure. Specifically, we
sometimes suppose that (a) there exists o2 € (0,00) such that, a.s.,

E.[(AY)’] = 0® +o((log [ Xn — Gal)™), (i€ {1,....d}); (2.5)

n

and (b) for 4, j distinct elements of {1,...,d}, a.s.,
E,[APAT] = o(log || X, — Gal) ). (2.6)
Thus for 8 > 1, when necessary we will impose the following additional assumption.

(A2) The conditions (2.5) and (2.6) hold for some o2 € (0, 00).

2.2 Results on self-interacting walk

Our first result, Theorem 2.1, constitutes the first part of our complete recurrence classifi-
cation for X,, — GG,,. Since we are dealing with non-Markovian processes, we first formally
define what we mean by recurrence and transience in this context.

Definition 2.1. An Re-valued stochastic process (&,)nen 48 said to be recurrent if
liminf, o ||€n]] < 00 a.s. and transient if lim,, . ||&,]] = o0 a.s..



Define 1
po = po(d,0?) := 5(2 —d)o?. (2.7)

Theorem 2.1. Suppose that (A1) and (A2) hold with d € N, 5> 1, and p € R.

(i) Suppose that B = 1. Let py = po(d,c?) be as defined at (2.7). Then X, — G, is
recurrent if p < po and transient if p > po.

(ii) Suppose that 5 > 1. Then X,, — G, is recurrent if d € {1,2} and transient if d > 3.

For almost all our remaining results we do not need to assume (A2). Set

1/(148)
Up,B) = ("*2%5)) . (2.8)

In the case § € [0,1), we have the following result, which completes the recurrence
classification for X,, — G,, and also gives a detailed account of the asymptotic behaviour
of the random walk X,,. In particular, when p > 0, X,, and G,, are transient, and moreover
have a limiting direction, and the escape is quantified by super-diffusive but, for 5 > 0,
sub-ballistic strong laws of large numbers. The case = 0 shows ballistic behaviour.

Theorem 2.2. Suppose that (A1) holds with d € N, 5 € [0,1), and p € R\ {0}. Then
X, — G, is transient if p > 0 and recurrent if p < 0. Moreover, if p > 0, there exists a
random u € Sy such that, as n — oo, with {(p, B) defined at (2.8),

YA X 25 (2 4 B)(p, B)u, and n~ VOG22 (14 B)(p, B)u.

At the level of detail displayed by Theorem 2.2, we can see a difference between the
asymptotic behaviour of the 5 € [0,1), p > 0 case of (2.2) compared to the ‘supercritical
Lamperti-type’ case in which the drift is away from a fixed origin (i.e., the analogue of
(2.2) holds but with x = X, rather than x = X,, — G,,). See Theorem 2.5 below and the
remarks that precede it.

Our ultimate goal is a complete recurrence classification for the process X,,. Theorem
2.2 covers the case § € [0,1), p > 0. Otherwise, we have at the moment only the following
one-dimensional result (to be viewed in conjunction with Theorem 2.1).

Theorem 2.3. Suppose that (A1) holds for d = 1. Then if X,, — G, is transient, X,, and
G, are also transient, i.e., | X,| = oo and |G| = 00 a.s. as n — oo.

Our final result on our walk with barycentric interaction gives upper bounds on ||.X,,|
for general d € N. In view of the interpretation of (X7, ..., X,,) as a model for a polymer
molecule in solution, we can describe the phases listed in Theorem 2.4 below as (i) exten-
ded, (ii) transitional, (iii) partially collapsed, and (iv) fully collapsed. See the discussion
in Section 3.3 below. Theorem 2.4(i) is included for comparison only; Theorem 2.2 gives
a much sharper result. Define

o2

v(d, 0%, p) = (2 —d— @)_1. (2.9)

Theorem 2.4. Suppose that (A1) holds with d € N, p > 0, and p € R. Then the
following bounds apply.



(i) (Theorem 2.2.) If € [0,1) and p > 0, there exists C' € (0,00) such that, a.s.,
| X, < CnYOH+8) for all but finitely many n € N.

(i) If B > 1, then for any e > 0, a.s., || X,|| < n'/2(logn) Y2+ for all but finitely many
n € N.

(iii) Suppose that (A2) also holds. Suppose that 8 = 1 and p < —do?/2, and let
v(d, o2 p) € (0,1/2) be as defined at (2.9). Then for any ¢ > 0, a.s., for all
but finitely many n € N, || X, | < n1(&o*0)+e,

() If B € [0,1) and p < 0, then for any € > 0, a.s., || X,] < (logn)HﬁJ“E for all but
finitely many n € N.

We suspect that the bounds in Theorem 2.4 are close to sharp, in that corresponding
lower bounds of almost the same order should be valid (only infinitely often, of course, in
the recurrent cases). However, the lower bounds of [29, Section 4] do not apply directly.

Given (1.1) it is evident that the bounds for || X,| in Theorem 2.4 imply the same
bounds (up to multiplication by a constant) for ||G,||, and hence || X,, — G, || too. In
addition, the same upper bounds hold (again up to a constant factor) for the quantities
of diameter D,, and root-mean-square radius of gyration R, given by

1 & 1 & —
Dy = max X — X, R = - ; 1X; — Gl = = ; ; 1 — X517
these are both physically significant in the interpretation of (Xj,..., X)) as a polymer
chain (see pp. 95-96 of [17] and Section 3.3 below).

Finally, we briefly describe how our results compare to the more classical model stu-
died by Lamperti [21,23]. That is, suppose that (Al) holds but that (2.2) holds with
x = X, instead of x = X,, —G,. In this case, there is no self-interaction in the drift term,
and the drift is relative to a fixed origin. Lamperti studied examples of such processes (so-
called centrally biased random walks) in [21, Section 4] and [23, Section 5]. We see that
our recurrence classification for the self-interacting process X,, — G,, in the case § = 1,
Theorem 2.1, gives, surprisingly, essentially the same criteria as Lamperti’s [21, Theorem
4.1]. In the case § € [0, 1), the difference between the two settings is clearly manifest in
the constant in the law of large numbers. The analogue of our Theorem 2.2 in the case
of drift relative to the origin is an immediate consequence of Theorem 2.2 of [27] with
Theorem 3.2 of [31] (see the discussion in [31, Section 3.2]):

Theorem 2.5. [27,31] Suppose that (A1) holds, with the modification that (2.2) holds
with x = X, instead of x = X,, — G,,. Suppose that d € N, 5 € [0,1), and p > 0. Then
there exists a random u € S, such that, as n — 00,

n VA X 25 04 BV IR (p, B)u, andn” VG, 22 (14-8)(2+8) U0 (p, B)u.

The method of proof of Theorem 2.2 in the present paper (see Section 6.2) gives an
alternative proof of Theorem 2.5, avoiding the rather involved argument for establishing
a limiting direction used in [27]. Specifically, in the argument in Section 6.2, we can apply
the relevant law of large numbers (Theorem 3.2 of [31]) in place of our Lemma 6.1. Note
that under the assumption of bounded increments, the law of large numbers [31, Theorem
3.2] is available, unlike in the generality of Theorem 2.2 from [27]; thus in the more general
setting, the proof of [27] is currently the only one that the authors are aware of.
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2.3 Examples
To illustrate our assumptions and results, we give three examples of walks satisfying (A1)

and (A2). In all of the following examples, the couple (X, G,,) is Markov.

Example 1. For x € R, let by(x),...,by(x) denote an orthonormal basis for R? such
that by(x) = X, the unit vector in the direction x; we use the convention 0 := e; :=
(1,0,...,0). Fix eg € (0,1/(2d)), p € R, and 5 > 0. Take

P, [A, = bi(X, — G)] = PalA, = —by(X, — Gy)] = 2—‘;, (i e{2,...,d}),

and
2_1d + g”Xn - GnH_ﬁ if %HXH - GnH_B < %l — <o
P,[An = bi(X, — Gn)| =< L — 5 if 21X, —Gul P> 55 —€0 ;
£ if 2] X, — Gl % < — + 20
1

In other words, for all || X,, — G, || sufficiently large,

1
P, [A, = +b (X, — G)] ignxn—ann—ﬁ.

~ 2

Then writing x = X,, — G,,, we have for x € R? with ||x|| sufficiently large, a.s.,

d
1
Y (b -e)’ =~
j=1 d

It is not hard to verify that (A1) and (A2) (with 2 = 1/d) hold in this case. In particular,
if # =1 Theorem 2.1 says that X,, — G,, is transient if and only if p > (2 — d)/(2d). See
Figure 2 for some simulations of this model.

E,[A,] = plx|| "% E,[(AD)?] =

SN

Example 2. Here is another example satisfying (A1) and (A2), this time with jumps
supported on a unit sphere rather than being restricted to a finite set of possibilities. Let
g >0 and p € R. Given F, and X,, — G,, = x, the jump A, is obtained as follows.

(i) Choose U, uniformly distributed on the unit sphere S;.
(11) Take A,, = U,, + ,OHXH_ﬁl{p”x”75<1/2}f{.

So the jumps of the walk are uniform on a sphere, but the centre of the sphere is (for ||x]|
large enough) shifted slightly in the direction £x, depending on the sign of p. Conditions
(A1) and (A2) (again with 0% = 1/d) are readily verified for this example.

Example 3. We sketch one more example with d > 2, 8 > 0 and p > 0, which is
reminiscent of the walk avoiding its convex hull. Take the jump A,, uniform on S; minus
the circular cap of relative surface p||X,, — G, |~ pointing towards the barycentre, i.e.,

An is uniform on {y € Sd Ny - x>—1+4+ C(p)HXH—ﬁ/(d—l)} :

with x = X, — G,,, where C(p) is a constant depending on p and d. Here we assume ||x||
is sufficiently large; if not we can take A, uniform on S,.

10



200 -

-0 20 o 20 40 60 80 100 120 -s0 40 30 20 -10 0 10 20 30 40

Figure 2: Simulation of 10* steps of the random walk and its centre of mass (thick line), as
described in Example 1, with d =2, p = 0.1, g9 = 0.01, and different values of 5 € (0, 1];
the three pictures have 5 = 0.1 (top), f = 0.5 (bottom left), and 5 = 1 (bottom right).
Theorem 2.2 shows that in the two < 1 cases, the random walk X, is transient with
a limiting direction. In the 8 = 1 case, we know from Theorem 2.1 that X, — G,, is
transient (po = 0 here), but transience of X, itself is an open problem. [color online]

11



2.4 Open problems and paper outline

Our results give a detailed recurrence classification (Theorem 2.1) for the process X,,—G,.
Of considerable interest is the asymptotic behaviour of X, itself, for which we have a
complete picture only in the case 8 € [0,1), p > 0 (Theorem 2.2). We conjecture:

o || X,| — oo as. if and only if ||X,, — G,|| = o0 a.s..

Theorems 2.2 and 2.3 verify the ‘if” part of the conjecture when (i) g € [0,1) and p > 0,
and (ii) d = 1. Another open problem involves the angular behaviour of our model when
£ > 1. By analogy with [27] we suspect that there is no limiting direction in that case
(in contrast to Theorem 2.2).

The remainder of the paper is arranged as follows. In Section 3 we describe in more
detail how our model is related to Lamperti’s problem (Section 3.1), and to the centre-of-
mass of SRW (Section 3.2), and we prove Theorem 1.1. We also outline the motivation of
our random walk as a model for a random polymer in solution (Section 3.3). Section 4 is
devoted to preliminary computations for the processes X,,, G,,, and (especially) X,, — G,,.
In Section 5 we take a somewhat more general view, and study the asymptotic properties
of one-dimensional, not necessarily Markov, processes satisfying a precise version of (1.4).
The recurrence classification is a time-varying, more complicated analogue of Lamperti’s
results [21,23], and we use some martingale ideas related to those in [12,31]. In the case
B €10,1), p> 0 we prove a law of large numbers that is a cornerstone of our subsequent
analysis for the random walk X,,. This law of large numbers is an analogue of that in [31]
for the supercritical Lamperti problem. While the results of [31] supply an upper bound
crucial to our approach, the law of large numbers in the present setting requires a new
idea, and our key tool here is a stochastic approximation lemma (Lemma 5.1), which may
be of independent interest. Section 6 is devoted to the proofs of our main theorems. The
basic method is an application of the results of Section 5 to the process || X,, — G, ||, armed
with our computations in Section 4. We carry out this approach to prove Theorems 2.1
and 2.3 in Section 6.1. A crucial ingredient is the proof, in Section 6.2, that X, — G,, has
a limiting direction. This enables us to prove Theorem 2.2. Finally, in Section 6.3, we
prove Theorem 2.4, building on some general results from [29)].

3 Connections and further motivation

3.1 Lamperti’s problem and simple random walk norms

Our problem is related to a time-dependent version of the so-called Lamperti problem.
We briefly review the latter here. Let Z = (Z,)nen be a discrete-time stochastic process
adapted to a filtration (F,),en and taking values in an unbounded subset S of [0, c0).
The set S may be countable (as in the SRW example which follows in this section) or
uncountable (as in the application to stochastic billiards described in [29]).

Lamperti [21-23] investigated the extent to which the asymptotic behaviour of Z
is determined by the increment moments E,[(Z,.1 — Z,)*] when viewed as (random)
functions of Z,. Formally, suppose that for some k, E,[(Z, 11 — Z,)*] is well-defined for
all n. Then by standard properties of conditional expectations (see e.g. [8, Section 9.1]),
there exist a Borel-measurable function ¢x(n; - ) and an F,-measurable random variable
tr(n) (orthogonal to Z,,) such that, a.s.,

En[(Zns1 — Zo)") = EBl(Zni1 — Za)¥ | Zo) + n(n) = dx(n; Z,,) + ¥r(n).
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Define
pr(n; ) == or(n; z) + r(n). (3.1)

The pg(n;x) are, in general, F,,-measurable random variables; if Z is a Markov process
then pp(n;z) = E[(Zp1 — Z,)* | Z, = 2] is a deterministic function of 2 and n, and
if in addition Z is time-homogeneous, pi(n;z) = pi(x) is a function of z only. For
many applications, including those described here, Z will not be time-homogeneous or
Markovian, but nevertheless the p(n;z) are well-behaved asymptotically.

In this section, X = (X, )nen will be the symmetric SRW on Z? (d € N). That
is, X has i.i.d. increments A, := X, .1 — X,, such that if {ey,...,e4} is the standard
orthonormal basis on R?, for i € {1,...,d}, P[A, = ¢] = P[A, = —¢;] = (2d)7".

Let F, = o(Xy,...,X,) and consider the (F,)nen-adapted process Z = (Z,)nen on
[0,00) defined by Z,, = || X,||. Here Z takes values in the countable set S = {||x|| : x €
7Z%}. Note that Z is not in general a Markov process: when d = 2, given one of the two
Fp-events {X,, = (5,0)} and {X,, = (3,4)} we have Z, = 5 in each case but Z,,, has
two different distributions; for instance 7,1 can take the value 6 (with probability 1/4)
in the first case, but this is impossible in the second case.

We recall some simple facts about A,, = X,, 1 — X,, in the case of SRW. We have

P.llAL < 1] =1, as., and E,[A,] =0, as.. (3.2)
Writing A,, = (Aq(zl), e Afzd)) in Cartesian components, we have that
) ) 1
E.[ADAV)] = S1{i=j}, as. (3.3)

Elementary calculations based on Taylor’s expansion and (3.2) and (3.3) show that

d
1
EnlZnit = Za] = 55 > (X + el + 1 X0 — el = 2] X))

2d
1 1
- 1= 5 ) + 00X 2);
e (14)
1

i=1
in the above notation, 1 (n; x) = 5=(1—2)+O0(2~2) as  — oo. As before, this asymptotic
expression is the compact notation for

1 1
r)=—(1-—= Oz
ilelg ess sup g (n; x) 5 ( d) +O0(z77),

together with the same expression with ‘inf’ instead of each ‘sup’. Similarly
1
En[ZrQL+1 - ZZ] - ﬁ Z (HXn + ei”2 + ||Xn - ei”2 - 2||Xn||2) =L

i=1
Then since (Zn41 — Zy)* = Z2y — Z2 — 2Z,(Zny1 — Z,,) we obtain
gy 1 -1
Eu[(Znw1 = Z0)"] = o + O(I Xl 7).

In particular, (1.3) holds (interpreted correctly) with § =1 and p' = (1 — (1/d))/2.
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3.2 Centre of mass for simple random walk

We saw in Section 3.1 how a mean drift described loosely by (1.3) arises from the process
of norms of symmetric SRW. In this section we describe how a process with mean drift
of the form (1.4) arises when considering the distance of a symmetric SRW to its centre
of mass. The motion of the centre of mass of a random walk is of interest from a physical
point of view, when, for example, the walk represents a growing polymer molecule: see
e.g. [1] and [37], especially Chapter 6.

The centre-of-mass process (defined by (1.1)) corresponding to a symmetric SRW on
Z% was studied by Grill [15], who showed that the process (G, )nen returns to a fixed ball
containing the origin with probability 1 if and only if d = 1. In particular the process is
transient for d > 2 and Grill gives a sharp integral test for the rate of escape of the lower
envelope. A consequence of his result is the following.

Theorem 3.1. [15] Let (X,,)nen be symmetric SRW on Z¢ and (G, )nen the corresponding
centre-of-mass process defined by (1.1). Let d € {2,3,4,...}. Then for any e > 0,

1G]l = (logn) @12, a.s.,
for all but finitely many n € N. On the other hand, for infinitely many n € N,
IGall < (logn)™ =10, a.s.

A crude upper bound for |G, ||, obtained by applying the triangle inequality ||G,| <
L5 11X and the law of the iterated logarithm for symmetric SRW on Z? (d € N) to
each || X;|| (see e.g. Theorem 19.1 of [35]), is that for any £ > 0, a.s.,

2 1
- /2
for all but finitely many n € N; it seems likely that this is an overestimate. In d = 1,
in the analogous continuous setting, a result of Watanabe [38, Corollary 1, p. 237] says
that, for B; standard Brownian motion, for any € > 0, for all ¢ large enough,

1 t
E/ B.ds < 37V2(1 + £)(2tloglog )%, a.s.,
0

and this bound is sharp in that the inequality fails infinitely often, a.s., when ¢ = 0.
Standard strong approximation results show that this result can be transferred to ||Gy||
ind=1.

The next result shows how the drift equation (1.4) arises in this context. Lemma 3.1
is a consequence of the more general Lemma 4.2 below.

Lemma 3.1. Let d € N. Suppose that (X,,)nen is a symmetric SRW on Z2, and (G,,)nen
is its centre-of-mass process as defined by (1.1). Let F, := o(X1,...,X,) and Y, =
X, —G,. Then, a.s.,

N 1l .
¥l = 1%l = (1= 3) g = 2k omal ),
1 _ _
B Yieell ~ I¥l] = 5+ 0¥l ™) + 0%,
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Neglecting higher-order terms, the study of the process || X, — G,|| for SRW leads
to the analysis of a process with drift given by (1.4). Lemma 3.1 can be generalized to
zero-drift Markov chains X = (X,,),en satisfying appropriate versions of (3.2) and (3.3).
We prove our results on SRW by applying our general results given in Sections 4 and 5.

Proof of Lemma 3.1. This follows from Lemma 4.2 stated and proved in Section 4. Ta-
king expectations in (4.10) and using (3.2) and (3.3) we obtain the first equation in the
statement of the lemma, using the fact that ||Y,,|| = o(n) a.s. to simplify the error terms.
Similarly, squaring both sides of (4.10) and taking expectations we obtain the second
equation in the lemma. O

Proof of Theorem 1.1. Let Z,, = ||Y,| = || X, — G|l and F,, = o(X1,...,X,). Then by
Lemma 3.1, a.s.,

B N\ 1 Z, ., o
E,[Znir — Zn] = (1 d) 57~ 0T 2, +0(2,7);

1
E,[(Zns1 — Z,)?] = - O(Zn™ ) +0(Z1).
Thus (5.4) and (5.5) hold with p' = (d—1)/(2d) and o = 1/d. Tt follows from Theorems
5.1 and 5.2 (stated and proved in Section 5) that Z, is transient if and only if 2o’ > o2,
or equivalently 1 — (1/d) > (1/d), that is, d > 2. O

3.3 The process viewed as a new random polymer model

In this section we briefly summarize motivation of self-interacting random walks arising
from polymer physics, and give an interpretation of our model described by (Al) in
that context. Much more background is provided by, for instance, [28, Section 2.2|, [37,
Chapter 7], [17, Chapter 7], and, for the underlying physics, [36]. Recent accounts of
some of the relevant probability theory are given in [14, 16].

The sites visited by the walk X, represent the monomers that make up a long polymer
molecule in solution in R (of course, physically d € {2, 3} are most interesting). The line
segments between successive sites X,, and X, | represent the chemical bonds holding the
molecule together; in this regard our condition of uniformly bounded increments in (A1)
is natural. We assume that the polymer solution is dilute, so that interaction between
different polymer molecules can be neglected.

In real polymers, a phase transition is observed between polymers in poor solvents (or
at low temperature) and good solvents (or high temperature) [36, Chapter 7|. In poor
solvents, a polymer molecule collapses as the attraction between monomers overcomes
the excluded volume effect caused by the fact that no two monomers can occupy the
same physical space. In good solvents, a polymer molecule exists in an extended phase
where the excluded volume effect dominates.

It is the extended phase that is believed to lie in the same universality class as SAW.
Heuristic arguments dating back to P.J. Flory (see e.g. [28, Section 2.2]) suggest that
in this phase || X,|| should exist on ‘macroscopic scale’ of order n” for an exponent v =
v(d) € [1/2,1], with v < 1 for d > 1 and v > 1/2 for d < 3. So for d € {2,3}, the
polymer is expected to be super-diffusive but sub-ballistic. According to Theorem 2.4(i),
our model defined by (A1) has macroscopic scale exponent max{1/2,1/(1 + )} when
p > 0; for § < 1 this regime therefore corresponds to polymers in the extended phase,
where the excluded volume effect, summarized by repulsion from the centre of mass,
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dominates. For instance, since v(2) = 3/4, in d = 2 the ‘physical’ choice of our model
has f = 1/3 and p > 0; it is not clear to what extent that case of our model replicates
the behaviour of SAW.

On the other hand, the collapsed phase corresponds to taking p < 0 in (A1), where
the polymer’s self-attraction, summarized through its centre of mass, is dominant. See
Theorem 2.4(iii) and (iv). Between the poor and good solvent phases, there is a transitio-
nal phase at the so-called 6-point at which the temperature achieves a specific (critical)
value T = 6. Here the excluded volume effect and self-attraction are in balance, and the
molecule behaves rather like a simple random walk path. Compare Theorem 2.4(ii).

4 Properties of the self-interacting random walk

Under the assumption (A1), we are going to study the process X,, — G,, and in particular
determine whether it is transient or recurrent. It suffices to study [|X,, — Gy||. In this
section we analyse the basic properties of the latter process; subsequently we will apply
our general results of Section 5 on processes that satisfy, roughly speaking, (1.4).

We introduce some convenient notation that we use throughout. For n € N set

Y, =X,—-G,, A,:=X,11— X,
We start with some elementary relations amongst X,,, G,,, and Y,, following from (1.1).

Lemma 4.1. Suppose that (X, )nen is a stochastic process on RY, and (Gp)nen is its
centre-of-mass process as defined by (1.1). For n € N we have

1

Gpi1 = - i 1Gn + - 1Xn+1; and (4.1)
Yoo = nLH(Yn +A). (4.2)
Moreover G1 = X1 and forn € {2,3,...},
G, :Xl‘{’i;}/}. (4.3)
= 1

Proof. Equation (4.1) is immediate from (1.1). Then from (4.1) we have that for n € N,

n

+1 +1 +1 n +1

(Xng1 — Ga), (4.4)

from which (4.2) follows since X,,1; — G, =Y, + A,. For (4.3), we have from (4.1) again

that for n € N,
1 1
+1 n _|_1 ( +1 ) n +1

where the final equality is obtained from (4.4). Thus for n > 2,

n—1 n—1
1
Gn—G1=) (Gi1—Gy) =D =Yi,
=1 -1
j j
from which (4.3) follows. O
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The main result of this section concerns the increments of the process [|Y,|| under
assumption (A1) and also possibly (A2). Part (i) of Proposition 4.1 gives basic regularity
properties, including boundedness of jumps. Part (ii) gives an expression for the mean
drift when g € [0,1). Part (iii) deals with the case § > 1 when (A2) also holds.

Proposition 4.1. Suppose that (A1) holds.
(i) There exists C € (0,00) for which, for any n € N,

Poll[[Yosall = [Yalll > €T =0, a.s. (4.5)
In addition
limsup ||Y,| = oo, a.s.. (4.6)
n—00
(i1) If B € [0,1) then, a.s.,
Il

Enll[Ynsall = IValll = pllYall ™ — +O(|[Yal 7 (log [[Yall) 7). (4.7)

n+1
(i1i) Suppose also that (A2) holds and > 1. Then, a.s.,

! A
Eo (Yol — [¥all] = (pl{ﬁzl} - 1>a2) 1Yol -

2 n+1
+o([|Yall 7 (log [[YalD™H); (4.8)
Eo (Yol = [Yal)?] = 0® + O Yall) + o((log [[Yal) ™). (4.9)

We prove Proposition 4.1 via a series of lemmas. The first gives information on the
increments of the process given by the distance of a general stochastic process to its
centre-of-mass. In particular, it shows that [|Y,,|| inherits boundedness of jumps from X,,,
and gives an expression for the increments of ||Y,,|| in terms of A,,, the increments of X,.

Lemma 4.2. Suppose that (X, )nen is a stochastic process on RY, and (Gp)nen is its
centre-of-mass process as defined by (1.1). Suppose that X, € R? is fized and that (2.1)
holds for some B € (0,00). There exists C' € (0,00) for which, for alln € N, (4.5) holds.

Moreover, a.s.,
1Yo

n+1
(4.10)

n Y, - A, HAnH2 (Yn . An)2
Worsl = IYa] = ( -

A
n+1\ [Ya 2| Vx| SIFAE )+ (1Yl 7)

Proof. We work with the process (||Yy||)nen. From (2.1) and the triangle inequality, we
have the simple bound || X,,|| < || Xi||+ B(n—1) a.s., for all n € N. Applying the triangle
inequality in (1.1) then yields the equally simple bound

n

1 , Bn
1Gall <= > (1%l +B(i = 1) < 1%+ =~
i=1
Combining these two inequalities together with the fact that ||Y,|| < [|X,| + [|Gyl], it
follows that ||Y, || < 2[|X1]|+(3Bn/2) a.s., for all n € N. Then from the triangle inequality
and (4.2) we have that
5B N 2[| X1||

1
Yn - Yn < Yn - Yn < - Yn An < — )
Y ora | = IYalll < [[Yas < —AYall +Aall < = -
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a.s., by (2.1), and this lattermost quantity is uniformly bounded. Thus we have (4.5).
For the final statement of the lemma, note that, from (4.2),

1/2

Yol = (IYVall* + A7 +2Y, - An) (4.11)

n
n—+1

Now writing y = Y,, for convenience, we obtain from (4.11) that

. JA2 + 2y - ALY 2
Yot = IVl = v —<1+ 1. @)

n+1 Iyl

Using Taylor’s formula for (1 + x)/? with Lagrange remainder in (4.12) implies that

Wyl
- +0 5] - :
S T STyl (s )) ol

using (2.1) for the error bound. Simplifying and again using (2.1), this becomes

Yol = Y]l =

nllyll (HAnH2 Y A (v A = ) [yl
Yool = [Yall = - +O(|ly _
Then equation (4.10) follows. O

Now we turn to the model defined by (Al), starting with the drift of ||Y,||. For
a,b € R, we use the standard notation a A b := min{a, b}.

Lemma 4.3. Suppose that (A1) holds. Then the drift of ||Y,| satisfies, a.s.,

n - - [1Ya
En Yn - Yn — Yn p n Yn - =
Wl = ¥l = = (oYl + ©41¥, ) = 2220
+O(|Yaul =" (log [V [)72), (4.13)
where ©,, is the F,-measurable random variable given by
1 _
O = SIIYall *Enll[Yall*1Anl* — (Vs - An)?]. (4.14)

T2
Moreover, there exists C' < oo such that ©,, € [0,C] a.s., and if 5 € [0,1), (4.7) holds.
Proof. Taking expectations in (4.10), using the fact that
Yol En[Yn - An] = plIYall ™7 + O(|Ya]l = (log [[Yal)72),

by (2.2), we obtain

" - 1
Bl — 1%l = (%17 4 BI85
O~ o [, ) 2) — 122l
n+1

By the fact that |Y,, - A,| < ||Y.|[[|A,|| and the jumps bound (2.1) we have that
0 < Eu[[YalP1An]? = (Yo - A0)%] < OfIYall?, as.,

for some C' € (0,00). Thus defining ©,, by (4.14) we obtain (4.13) and the fact that
©, € [0,C] a.s.. Then (4.7) follows when g € [0,1). O
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The next result shows how the ellipticity condition (2.3) leads to (4.6).
Lemma 4.4. Suppose that (A1) holds. Then limsup,,_,. ||[Y.|l = oo a.s..
Proof. We have from (4.11) that

2n+1
(n+1)2

n
n+1

2
Wl = 12 = (2 ) (8l 420, 80) = 25w s
Fix p € N, and define F,; := ﬂ"p+(p DIA; - V; > o} and Foy = {||Yipll < 2P} Fix
also n, € N with gyn, > 16C, where C'is as in (4.5), and consider n > n, only. By (2.3)
we have that P, [F), 1] > €] a.s., and hence Lévy’s extension of the second Borel-Cantelli
lemma (see e.g. [10, Theorem 5.3.2]) implies that P[F,,; i.0.] = 1.

Now, observe from (4.5) that ||Y;11] < ||Yi]] + C, a.s., which implies on F),» that
1Y;]| < geonp for alli € {np,...np+(p—1)}. Then, on F, 1N F,, we obtain from (4.15)
that, a.s.,

1 1 1
[Yinl® = 1Y) > ——||Y||2 (60 +250||Yi[) > €o||Y|| + 50 4€3>
for any i with np <i <np+ (p —1) and any n > n,. Hence on F,,; N F, 5, a.s.,

np+(p—1)

Y rnpll® = ¥apll® + > (¥arall? = 1Yil?) 2 pe/4.

1=np

Thus, up to sets of probability zero, {(F,1 N Fy2) i.0.} € {limsup,_,.. || Y.l > p'/%e0/2}.
Moreover, by definition of F}, 5, {F); , i.0.} € {limsup,,_,., [|[Ys|| = co}. Since {F),; i.0.} C
{(Fh1NFyp) i.0.U{FS, i.0}, it follows that {F, i.0.} C {limsup,_,., [|Y,| > p'/%e0/2}.
Since p was arbitrary, the result follows from the fact that P[F,,; i.0.] = 1, as shown in
the first part of this proof. n

When (A1) holds with f > 1, we need more regularity to obtain a well-behaved
version of (4.13). Thus we impose (A2) and use the following result, which in addition
gives an expression for the second moment of the increment ||V, 11| — ||Yall-

Lemma 4.5. Suppose that (A1) and (A2) hold. Then ©,, as defined by (4.14) satisfies
1
0O, = i(d — 1o +o((log ||Y.I)™Y), a.s.. (4.16)

Moreover, (4.9) holds.

Proof. First we prove (4.16). We have that

EnmAnHQ] = ZEH[(ASLZ»Q] = do® + o((log ”YnH)_l)a

by (2.5). Also if Y,, = (y1,...,vq) € R with the convention that an empty sum is 0,

= nyEn[(A g ZZyzy] A
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= [YalI* [ + o((log [[Ya[)™)] . (4.17)

by (2.5) and (2.6). Then (4.16) follows from (4.14).
Next we prove (4.9). Squaring both sides of (4.10) and taking expectations we obtain

En[(1Yas1ll = [1Yal)?] = [Yal PEal(Ya - A)’] + O™ [Yall) + O(IYall ).
Now using (4.17) yields (4.9). O
Proof of Proposition 4.1. We collect results from Lemmas 4.2, 4.3, 4.4, and 4.5. m

5 Recurrence classification for processes satisfying
equation (1.4)

5.1 Introduction

In this section we state general results for processes with drift of the form (1.4). We will
later apply these results to the process || X, — G, || satisfying (A1) (and maybe also (A2)),
but for this section we work in some generality.

Let (Z,)nen be a stochastic process taking values in an unbounded subset S of [0, c0),
adapted to a filtration (F,)nen. Recall the definition of ug(n;x) from (3.1), so that
Eo[(Zni1 — Zn)*] = pr(n; Z,) as.. As discussed in Section 3.1, the case where uy(n; z) is
O(1) and py(n; ) — 0 as x — oo arises often in applications; the case where py(n;x) — 0
uniformly in n is sometimes known as Lamperti’s problem after Lamperti’s work [21-23].
Roughly speaking, the Lamperti problem has pi(n;z) ~ pr=?, 8 > 0, p € R, ignoring
higher-order terms. Results of Lamperti [21,23] imply that the case § = 1 is critical from
the point of view of the recurrence classification. The supercritical case, when g € [0, 1),
p > 0, has also been studied (see [31] and references therein).

In this section we study the analogous problem for which p;(n; ) ~ pz=" — (x/n). In
keeping with the applications of the present paper, and to ease technical difficulties, we
adopt some stronger regularity assumptions than imposed in [21,23] or [31]. Nevertheless,
this version of the problem is more difficult than the classical case (without the extra —z/n
term in the drift). Thus although the ideas in this section are related to those in [21,23]
and [31], we have to proceed somewhat differently. In particular, to obtain our 5 < 1
law of large numbers in this setting (an analogue of [31, Theorem 2.3] for the standard
Lamperti case), we use a ‘stochastic approximation’ result (Lemma 5.1), the proof of
which uses ideas somewhat similar to those in [30,31].

We impose some regularity conditions on (Z,)nen. Suppose that there exists C' €
(0, 00) such that for all n € N,

Pu[|Zns1 — Zn| > C] =0, as.. (5.1)
We also assume that
limsup Z,, = oo, a.s., (5.2)
n—oo

without which the question of whether (Z,,)nen is recurrent or transient (in the sense of
Definition 2.1) is trivial. Note that (5.2) is implied by a suitable ‘irreducibility’ assump-
tion, such as, for all y > 0, inf,ey P,[Z,, — Z,, > y for some m > n] > 0, a.s.. In our case,
as in the standard Lamperti problem, we will see a distinction between the ‘critical’ case
where 5 = 1 and the ‘supercritical’ case where 5 € [0,1). Thus we deal with these two
cases separately in the remainder of this section.
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5.2 The critical case: =1

For x > 0 and n € N define
r(n;x) :==n"'2* + (log(1+2))~". (5.3)

For p > 0 we write log” z for (logz)?. We impose the further assumptions that there
exist p/ € R and s? € (0, 00) such that

pr(nyx) = plat — % +o(z 'r(n; ), (5.4)
pa(n; ) = s* + o(r(n; x)). (5.5)

Theorem 5.1. Suppose that the process (Zy)nen satisfies (5.1), (5.2), (5.4) and (5.5)
for some p' € R and s* € (0,00). Then if 29’ < s, Z, is recurrent.

Proof. Let W, := loglog Z,,. Write D,, := Z,,.1 — Z,. First note that Taylor’s formula
implies that for =, h with z — oo and h = o(x/log x),

h (logx + 1)h?
xlogx 222 log® =

loglog(z + h) = loglogx + + O(h*z*(logz) ™).

Setting © = Z,, and h = D,, and then taking expectations, we obtain

(i Zy)  (log Zy + 1) pa(n; Z,)

W =7 log Z, 2721log” Z,,

+0(2,7),

n

using (5.1) for the error term. By (5.4) and (5.5) this last expression is

2p — 82 s 1
272log Z,,  272log* Z, nlogZ,

+o(Z;*(log Z,) 'r(n; Z,)) <0,

for all n and Z, large enough, provided 2o’ — s* < 0, by (5.3). Thus there exist non-
random constants wy € (0,00) and ny € N for which, for all n > ny, on {W,, > wy},

E, Wy —W,] <0, as..

By Doob’s decomposition, we may write W,, = M,, + A,,, n > ny, where W,,, = M,,,
(M) n>n, is a martingale, and the previsible sequence (A,,),>y, is defined by

n—1 n—1 n—1
m=ny m=n1 m=n1

since the uniform jumps bound (5.1) for Z, implies a uniform jumps bound for W,
n > ny. Hence W,, — oo implies that limsup,, ., A, < oo so M, — oo also. However,
(M) n>n, is a martingale with uniformly bounded increments (by (5.1)) so P[M,, — oco] =
0 (see e.g. [10, Theorem 5.3.1, p. 204]). Hence P[liminf, . W, < o] = 1. O

Theorem 5.2. Suppose that the process (Z,)nen satisfies (5.1), (5.2), (5.4) and (5.5)
for some p' € R and s* € (0,00). Then if 2p' > s%, Z, is transient.
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Proof. This time set
1 9

" log Z,, + logn’

Again write D,, :== Z,,1 — Z,. We want to compute
En[Wyi1 — Wy] = E, [(log(Z, + D,))~" — (log Z,) ']
+9 [(log(n+ 1))~ — (logn)™'] . (5.6)
Observe that, for the final term on the right-hand side of (5.6),

log(1—(n+1)7") 1

1 1)) = (logn) ™" = =
(log(n + 1)) (logn) lognlog(n + 1) nlog2 n

+O(n?). (5.7)

Also for the expectation on the right-hand side of (5.6) we have that
E, [(log(Z, 4+ D,))™" — (log Z,) "]

(1+1%41+«1%/Zw>)‘1_1]_

= (log Z,) " 'E,
(log Z») o2 Z,

Taylor’s formula implies that for a = O(1) and y = o(1),

20> +a

y>+0(y°).

(1+alog(l+y)) " =1—ay+

Applying this formula with a = 1/log Z,, and y = D,,/Z,, we obtain,

E, [(log(Z, + Dy)) ™" — (log Z,) ']
i Zy) | pe(nsZn) o pe(n Zn)

= + + +0(Z,°),
Znlog? Z,  27%log* Z,  Z%log® Z, (Z.7)

by (5.1). Now using (5.4) and (5.5) we obtain,

En [(bg(Zn +D,)) ™" — (log Zn)_l]

- 272 li—g2 7 (—(20 = §*) + o(r(n; Z,)) + O((log Z,) ")) + !

_—. 5.8
nlog® Z, (5:8)
Suppose that 2p' — s* > 2¢ > 0. Then by (5.3), (5.6), (5.7) and (5.8) we have that

there exist non-random constants ng € N and 2y € (1,00) such that for all n > ng, on
{Z, > 20}, as.,

8 3
]En[Wn—l-l - Wn] < c

- — + : 5.9
= 22%2log>Z, nlogin  2nlog®Z, (5.9)

We have that the right-hand side of (5.9) is bounded above by
1 —£ n 3 - 1 —€ n 3e
o2 2, \222 " 2n) S oz, \322 T 522)

provided n > 4Z2¢~!, and this last upper bound is negative for Z,, > x. On the other
hand, if n < 472! the right-hand side of (5.9) is bounded above by

1 3/2 8 1 7 8
-~ 2 B 2 < - 2 2 <0,
n \log”Z, log“n n \log"n log“n
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for Z,, > x¢g and n > ng. Thus in either case we have concluded that for all n > ng, on
E, [Wyi1 —W,] <0, as.. (5.10)

Now fix K > 1 and x; > x(. Define the stopping times
o 18K . 4K s .
ok = min{n > max{ng,z;°" } : Z, > 21" }; Tx:=min{n > ok : Z, < 11}

By (5.2) we have that Plox < oco] = 1. From (5.10) and the definition of 75 we have that
(Whnr Jn>op 18 a non-negative supermartingale, and hence it converges almost surely to
a [0, 0o)-valued random variable W := W) In particular, since ox < oo a.s., we have
lim,, 0o Winre = W, a.s.. Moreover

Plrg < o0
EW] > E[W1lico}] = EWr 1 coot] 2 %, (5.11)
0g X1
since Z,, < x1. On the other hand, since (Winry )Jn>ox 1S & supermartingale,
1 9 3
EW] <E[W,,| < (5.12)

~ 4K log x, * 18K log xy T UK log ;'
using the facts that Z,, > 21 and oy > 21*%. Combining (5.11) and (5.12) we see that

]P)[TK < OO] < 3
logzy, — 4Klogz;

On {0k < oo} N{7x = oo}, we have that liminf,_,., Z, > z1, so the preceding argument
shows that Plliminf, o Z, > 1] > 1 — % for any K and any x; > xy. It follows that
P[Z, — oo] = 1. O

5.3 The supercritical case: € [0,1)
Once again we will assume that (5.1) and (5.2) hold. We will also assume that there exist
p€0,1)and p € R\ {0} such that

pa(n;z) = pr? — % +o(x™") + o(zn™"). (5.13)

Theorem 5.3. Consider the process (Z,)nen satisfying (5.1), (5.2), and (5.13), where
B €10,1). Then Z, is transient if p > 0 and recurrent if p < 0.

Proof. First suppose that p > 0. By (5.1) we can choose p’ € (0,00) so that 2p' > C? >
E,[(Zni1 — Z,)?], a.s., and, by (5.13),

Ly,
EnZni1 — Zu) > (p +0() 21 — = +0o(Z, 'r(n; Z,)), as..
n
It is this inequality, rather than the equality (5.4), that is needed in the proof of Theorem

5.2. Hence following that proof implies transience. Similarly, if p < 0 we have, for any
p € (—0,0), as.,

Z, B
En[Zpi1 — Z,) < () +0(1) 2,1 — — +o(Z 1 r(n; Z,)).

Using this inequality in the proof of Theorem 5.1 implies recurrence. O
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The rest of this section works towards a proof of the following law of large numbers.

Theorem 5.4. Consider the process (Zy)nen satisfying (5.1), (5.2), and (5.13), where
g €10,1) and p > 0. Then, with {(p,B) as defined at (2.8), as n — oo,

Zn a.s.
a2 U B)- (5.14)

The proof uses the following lemma, which is of some independent interest, and falls
loosely into a family of “stochastic approximation” results; see e.g. [34, Section 2.4].

Lemma 5.1. Suppose that (V,)nen is a non-negative process adapted to the filtration
(Fn)nen. Suppose that there exists r > 0 such that the following hold.

(a) There exists a non-negative sequence (Y )nen adapted to (Fp,)nen with Y, Yo < 00
a.s. such that for any b > 0 and all n € N we have that, a.s.,

En [(Vag1 = Vo)?] < C(b)v, on {V,, < b},
where C'(b) is a constant depending only on b.

(b) There exists € > 0, and for any § € (0,r) there is a sequence of events A, = A,(0),
n € N, such that A,, € F,, P[A, i.0] =0, and a.s. for alln € N,

E.[Vii1]l <V on{V, >r+6}NAS, and E, [V >V, on {V, <r—45}NAS,
and also AS C{Vy1 > (1 —¢)V,}.
Then a.s. lim,, o, V,, = Vi exists in [0,00). If, additionally,

(c) there exists a non-negative sequence (Yn)nen adapted to (Fp)nen with Y Yo =
+00 a.s. such that for any a,b with 0 < a < b and r & [a,b], for all n large enough,

on {V, € [a,b]}, a.s.,
]En[vn—‘rl - Vn]
En[vn+1 - Vn]

_é(av b)’?n Zf?“ < a,

<
> Cla,b), if r > b,

where CN’(a, b) > 0 is a constant depending only on a and b,
then Vo € {0,7}.

Proof. We first show that under conditions (a) and (b) of the lemma, V,, converges a.s.
to some finite limit V... We claim that

P [{liminf V, <} U {3 lim V,, > r}] ~1. (5.15)
n—oo n—0o0

Indeed, suppose that {liminf, . V,, < r} does not hold, so that liminf, ,,, V,, > r+ 0
for some § > 0. For M € N let

M) = inf{n > M : V, <r+6 or A,(8) occurs},

and define V;™ .= aran. Then, for each M, by (b), (VYSM)),LZM, is a non-negative
supermartingale and hence converges a.s.. On the other hand, from (b) and our assump-
tion that liminf, .. V,, > r + ¢ it follows that a.s. 7™) = oo for some M: in this case
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Vn(M) =V, for all n > M and hence V,, must also converge a.s., and the limit must be
greater than 7. This establishes (5.15).
By an analogous argument with a bounded submartingale we also establish

P [{limsupV,, > r}u{3 lim V,, <r}| =1. (5.16)
n—oo

n—00

Given (5.15) and (5.16), to show that lim,,_,~, V;, exists a.s. it suffices to demonstrate this
convergence on the set

E :={limsupV,, > r} N {liminf V,, <r}.
n—oo

n—oo

Let us prove that on E in fact limsup,,_, . V,, = r. For § > 0 define
Es .= ENn{limsupV,, > y + d} where y = r 4 26.

We will show that P[Es| = 0 for any ¢ > 0, which yields the desired conclusion.
Fix some v such that V,,, > y + 4. Iteratively for i =0,1,2,... define

7, :=min{n > v; : V,, <y — 9},
ki :=min{n > 7, : V,, >y — 6},
Vigp :=min{n > 7, : V, > y+4}.

On E we have V,, < r + ¢ infinitely often, so that V,, <y — ¢ infinitely often. Thus our
definitions imply that 7;, k;, and v; are finite for all i on Ejs. Next, setting B, := {V,,_1 <
y— 90, V,, > y}, we have by Lévy’s extension of the second Borel-Cantelli lemma (see
e.g. [10, Theorem 5.3.2])

{{Vi, >y, ki <oo}io} C{B,io0.} = {Z P,[Bni1] = oo} :

neN

up to events of probability 0. On the other hand,

Pn[BnH] = Pn[vn—l-l > y]l{Vn <y-— 5}

by Chebyshev’s inequality, so that by (5.17) and (a),

ZIP’n[BnH] < Zé‘QC(y — )y, < 00, a.s. (5.18)

neN neN

Thus on Ej, by (5.18) and the Borel-Cantelli lemma, {V};, > y} occurs only finitely often
a.s., so there is some N; € N for which V,, € (y — d,y] for all i« > N;. Now let

ni=min{n > kr;: V, <y—dorV,>y+0} < v
On Ejs all the n; are also finite (since the v; are finite). For n € N define

j 1, if k; <n <n; for some ¢ and A occurs;
" 0, otherwise,
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n—1
Dy = Ep[(Vagr = Vo) I and My, = ) [(Vea = Vi) L — Dy,

S=KQ

with an empty sum understood as zero so that M, = 0 for n < kg. Then (M, )nen is a
zero-mean martingale adapted to (F,),en, and it is not hard to see that

En[My ) — My] = En[(Mos1 — M)*] < Ey[(Vir — Vo) La].
Moreover, since for k; < n < n; we have y —§ <V, <y + 4, from (a) it follows that
En[Myyy — M) < C(y + )7

This implies that the increasing process associated with M,, is bounded by a constant
times ) _y7» and hence is a.s. finite by (a). Consequently, by [10, Theorem 5.4.9] the
martingale M,, converges a.s. to some finite limit; in particular, there is some Ny € N for
which sup,, >, |Mn — M,,| < 6 a.s.. Then for all i > Ny such that x; > N, we have

ni—1
V;h' :Vﬁz‘+[Mm _Mﬁi]+ZDS <y-+9,

S=Kj

since, by (b), D,, < 0 for n € [k;,n;), n > Ny, and V,, <y for all i > N;. Consequently,
the process V,, eventually exits the interval (y — 0,y + d) only on the left (and it cannot
jump over it, as we showed above), contradicting Es. So P[E;] = 0.

A similar argument shows that on £ not only limsup, ..V, = r but also
liminf, ., V,, = r; we sketch the changes needed to adapt the previous argument to
this case. Analogously to Ejs above, we define Ef := E N {liminfV,, < y — d} where
y=r—2and ¢ € (0,r/3). Also fix some 14 such that V,, <y — d, and iteratively set

7 :=min{n > v, : V, >y + 0},
:=min{n > 7] : V, <y+0},

/
’Lii 7

Vi, =min{n > 7/ :V, <y-—9d}.

This time let B, := {V,,_1 > y+4,V,, < y}. Now by definition of AS, {V,, > (1—¢)"!r}N
AL € {Vipr > 1} C (B, 14)°, so that

P, B

w1l < PulB]1(A7) + 1(An)

<
<P,[B, J1{V, < (1 —2)'r} + 1(A,).

A similar argument as that for (5.17) and (5.18), using Chebyshev’s inequality and
(a), with C(y — §) in (5.18) now being replaced by C((1 — ¢)~'r), shows that, a.s.,
P,[B,,1]1{V, < (1 —¢)~'r} is summable, while 1(A,) is a.s. summable by assumption
in (b). As before, it follows that {V.; <y} a.s. occurs only finitely often. Then a similar
argument to the previous case, with the martingale M,,, shows that P[E}] = 0 as well.

Consequently, on E, lim, .., V, a.s. exists and equals r in this case. Thus the first
claim of the lemma follows, and V,, = lim,,_,,, V,, a.s. exists in [0, 00).

To prove the second claim of the lemma, under the additional condition (c), we show
that P[V, € (0,7)U(r,00)] = 0. To this end, suppose that V;, — y > r (the case y € (0,7)
can be handled similarly). Choose a small § > 0 such that y — ¢ > r. Then a.s. there
exists an N3 such that |V, —y| < d for all n > N3. Now define D!, = E,[(V,+1 — V,,)] and
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the martingale M = Z::_i[(‘/s+1 — Vi) — D.]. Then by (c) we have that for all n > N3,

D! =E,[(Vo41—Vo)] < —=C(y—9,y+0)7,. By asimilar argument to that for M,, above,
M) must converge a.s.. However this leads to a contradiction with the inequality

Vo = Viv,] = [M}, = M}, ] = ZD'< —C(y—6,y+9) Z%,

s=N3 s=N3

since, a.s., as n — oo the right-hand side converges to —oo while the left-hand side
converges to a finite limit. O

Now we can give the proof of Theorem 5.4.
Proof of Theorem &5.4. It suffices to prove that

lim n 2+ 5
n—oo Z1+f3 (14—5)’

a.s.. (5.19)

Set V,, = (n —1)/Z}*% and V,, = n/Z}*F = 2V, Writing D,, := Zy+1 — Zy, we have

i D,\ " 1 - [1 (1+p8)D
— = 14+ =2 —(1== _ N S ) 72
using Taylor’s formula and (5.1) for the error term. Hence
Vi, 1 D,
Viwr = Vo= =2 {1 - % + O(nZ;Q)} . (5.20)

Taking conditional expectations in (5.20) we obtain, on {Z, — oo}, a.s.,

Ep[Vyoy — Vi) = % [1 1+ 5)7;11(71; Zn) n O(nZ;Q)}
= 2 24+ o) — (14 B)p+0(1)) Vil (5.21)

using (5.13), and then using the fact that Z,, — oo to simplify the error terms. Similarly,
squaring both sides of (5.20) and taking expectations, on {Z,, — oo}, a.s.,

En[(Vn+1 o Vn)Q] — % |:1 o 2<1 + B)Zibl(na Zn) (1 + 0(1>> + (1 + 5) nZ;@(n; Zn) (1 + 0(1)):| ’

using (5.1) to obtain the error terms. Then from (5.5) and (5.13) we obtain

E,[(Voy1 — Vi)?] = Z—’E [3 +26+0(1) — 2p(1+ ) +0(1) Vi, + @Jr;#w} , (5.22)

for some ¢ € (0,00) (depending on s* and ) as Z,, — oo and n — oo. For a fixed b > 0
and A < oo, there exists a (non-random) ng for which {V,, < b} implies that {Z,, > A}
for all n > ny. In particular, from (5.22) we have that for some (non-random) C'(b) < oo,
on {V,, < b}, for any n € N, a.s.,

~ 2 2

[0(1) ¥ (e 4+ o(1))n2(Vy /)T | < C(byn 7.

:N| <Mz

En[(vn—i—l - V) ] <
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Since B < 1, Y., oyn ¥+ < 00 so that the conditions of part (a) of Lemma 5.1
are satisfied with the present choice of V,, and v, = n=2+9  Let A, = {Z, < A}.
By Theorem 5.3, Z, — oo a.s., so that A, occurs only finitely often for any A € (0, c0).
Taking r = p?l;—l-ﬁﬁ)’ the conditions on E,, [V}, ;1] in part (b) of Lemma 5.1 are shown to hold
for any 0 € (0,r), taking A = A(0) sufficiently large, by (5.21). Indeed, from (5.21), on
{V,, > r+ 0} for some 6 € (0,7),

Eon[Vigr — Va] < =6(14 B)p(1 + o(1))n" 1V,

which is negative on A¢ for our choice of A = A(§). A similar argument holds for the
other condition on E,[V,,4+1] in Lemma 5.1(b). The final condition in (b), that A¢ implies
that V41 > (1 — ¢)V,, for some ¢ € (0, 1), follows from (5.20) and the fact that D, is
uniformly bounded (by (5.1)), taking A and n sufficiently large in our choice of A,.

The conditions in part (¢) of Lemma 5.1 follow from (5.21) again, with 7, = n™ !,
noting that the o(1) terms in (5.21) are uniformly small on {V;, < b} for any n > nq (for
some non-random ny € N).

Hence we conclude from Lemma 5.1 that V,, — V. a.s. where V € {0,7}. To
complete the proof of the theorem we must show that P[V,, — 0] = 0. This, however,
follows from the fact that limsup,_, . (n""/1*9Z,) < oo a.s. due to [31, Theorem 2.3],
noting the remark following that theorem. O]

6 Proofs of main theorems on self-interacting walks

6.1 Recurrence classification: Proofs of Theorems 2.1 and 2.3
We apply the results of Section 5 to Z,, = ||Y,|| = || Xn — Gl|-

Proof of Theorem 2.1. Suppose that (A1) and (A2) hold, and that § > 1. First note that
with Z, = ||Y,]|, (4.5) and (4.6) imply (5.1) and (5.2). Now from (4.8) we obtain, with
r(n;x) defined by (5.3),

1 1 Zn _
B2 = 2] = (plipmny + (0= 10 ) - = 22 4 o(2; 0 2), .

Similarly, we have from (4.9) that
Eo[(Zns1 — Z0)?] = 0> + O(Z,n™) + o((log Z,) 7).

First suppose that 8 = 1. Thus (5.4) and (5.5) hold with p' = p + (d — 1)(¢*/2) and
s? = 2. Tt follows from Theorems 5.1 and 5.2 that Z, is transient if and only if 2p’ > 52,
or equivalently 2p > 02(2 — d), i.e., p > po. This proves part (i) of the theorem.

Finally suppose that 8 > 1. This time (5.4) and (5.5) hold with p/ = (d — 1)(c?/2)
and s> = o2, It follows from Theorems 5.1 and 5.2 that Z, is transient if and only if

2p' > s%, or equivalently 0%(2 — d) < 0, i.e., d > 2. This proves part (ii). O

Proof of Theorem 2.3. Suppose that d = 1. If Y,, is transient, then by (4.5) we have that
with probability 1 either: (i) Y, — +oo; or (ii) ¥,, — —oo. In case (i), there exists
N € [2,00) for which Y,, > 1 for all n > N, so (4.3) with (4.5) implies that for n > N,



as n — 00; a similar argument applies in case (ii). Since X,, =Y, + G,, and Y,,, G,, are
transient with the same sign, it follows that X, is transient too. O]

6.2 Limiting directions: Proof of Theorem 2.2

The key first step in the proof of Theorem 2.2 is the following application of the law of
large numbers, Theorem 5.4.

Lemma 6.1. Suppose that (A1) holds with d € N, € [0,1), and p > 0. Asn — oo,
n_l/(l-w)“Xn — Gy = t(p, B).

Proof. We take Z, = ||Y,|| = || X, — G,|| and apply Theorem 5.4. The conditions of the
latter are verified since (4.5), (4.6), and (4.7) imply (5.1), (5.2), and (5.13) respectively.
[

The second step in the proof of Theorem 2.2 is to show that the process Y,, = X,, — G,
has a limiting direction. Together with Lemma 6.1 and the simple but useful relation
(4.3), we will then be able to deduce the asymptotic behaviour of X,, and G,,.

We use the notation Y, := Y, /||Y, ||, with the convention that 0 := 0. Then (¥,),exy
is an (F,,)-adapted process, and using the vector-valued version of Doob’s decomposition

we may write X
Y, =A,+ M,, (6.1)

where M, = Yl, (M,)nen is an (F,)-adapted d-dimensional martingale and (A, ),en iS

~ ~

the previsible sequence defined by A; = 0 and A,, = Z”_l E [V — Yy for n > 2.

m=1

Lemma 6.2. Suppose that (A1) holds with d € N, 8 € [0,1), and p > 0. Let the Doob
decomposition of Y, be as given at (6.1). There exists a d-dimensional random vector A,
such that A, — Ay a.s., as n — 00.

Proof. We have from (4.2) that, with A, := X,, 11 — X,, as usual,

At — A, — E, [——Yn] _E, [—] V., [
o 1Y + Al 1Y + A 1Y + Al

=. Tl — }/}HTQ

We deal with the expectations 7T} and T, separately. First,

’Yn + An” B ||Yn||)An}
1YallllYn + Al

Ty = [V EdA] — B, {('

The numerator in the last expectation is bounded in absolute value by ||A,[|?, by the
triangle inequality. Then using the fact that ||A, || is uniformly bounded, and that ||Y,,|| ~
((p, B)n*/0+5) by Lemma 6.1, it follows that

Ty = |[Yol| T 'Ea[An] + O(n7?/0H9) ass.,

as n — oo. Similarly, we have that

Yo+ Anll® = [IYa]?
T, =E, :
1Yo + Anl[(1Yn + Anll + 1Yal])
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Again using the boundedness of ||A,| and that ||Y,|| ~ £(p, 8)n'/(*%) we obtain

Y, A,
Y5 ]

20, - Y, + || AL

T, =E, }:En
S (PO (A [ A

+O(n Y0+0) as..

On applying (2.2) to evaluate the terms E,[A,] and E,[A,, - Yn], the leading terms in T}
and Y, T cancel to give

At = Ay = O([Ya] 7~ (g Vo)) + O(n=/1+9).

Since ||V, || ~ £(p, B)n'/+5) and B < 1, these two O(-) terms are summable, so that
Yoo [Ans1 — Ayl < 00, a.s., implying that A, converges a.s.. O

Lemma 6.3. Suppose that (A1) holds with d € N, B € [0,1), and p > 0. Let the Doob
decomposition of Y, be as given at (6.1). There ezists a d-dimensional random vector
My, such that M,, — My, a.s., as n — 0.

Proof. Taking expectations in the vector identity || M, 1 — M,||* = || M,11|]* — [|M,.||* —
2M,, - (M,,+1 — M,) and using the martingale property, we have

En[HMn+1H2 - “MnHQ] = En[HMn-H - MNHQ] = En[HYn-&-l - Yn - En[Yn+1 - Yn]Hz]
Expanding out the expression in the latter expectation, it follows that

En[ll My | = [1Ma]|*] = Bl Vosr = Yall!] = Ba[Yosr = Ya))? < B[ Vo1 — Yal?):
Here we have from (4.2) that

YalllYall = 1Yo + Anl]) + Anl[Yall
[Yalll[Ye + An

“Yn-&-l - Yn” - ‘

T Y+ Al

by the triangle inequality. Since [|A,|| is uniformly bounded, and ||, | ~ £(p, B)nt/(+5)
by Lemma 6.1, it follows that ||Y,,1 — Y, || = O(n~"/(+%)) so that

En[HMn-i-lHQ - ||Mn||2] = O(n—Q/(1+/3))7 a.s..

Hence Y0 | E,[||Mp11]1? — || M,]|?] < oo, a.s., which implies that M, has an almost-sure
limit, by e.g. the d-dimensional version of [10, Theorem 5.4.9, p. 217]. O

Proof of Theorem 2.2. Combining Lemmas 6.2 and 6.3 with the decomposition (6.1), we
conclude that Y, — A + M., =: u, for some random unit vector u, a.s., as n — oo. In
other words, the process Y,, has a limiting direction. It follows from the representation
(4.3) that the processes G,, and X,, have the same limiting direction. Specifically,

~ 1 - —~ 1 ,
Gn=X1+ g ]TIHYJHY} =X+ E jlep’ B) + o(1)];"/ P [u+o(1)], as.,
Jj=2 Jj=2

by Lemma 6.1. Hence
G = [(1+ B)lp, Bu+ o(1)]n ) ass.,

and the result for X, follows since X,, = G,, +Y,,. ]
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6.3 Upper bounds: Proof of Theorem 2.4

Theorem 2.4 will follow from the next result, which gives bounds for ||Y,]|.

Proposition 6.1. Suppose that (A1) holds with d € N, f > 0, and p € R. Then the
following bounds apply.

(i) If B > 1, then for any ¢ > 0, a.s., for all but finitely many n € N, ||Y,| <
n1/2(logn>(1/2)+5_

(ii) If (A2) holds, f =1, and p < —(do?/2), then for any e > 0, a.s., for all but finitely
many n € N, ||Y,|| < n@o"e where y(d, 02, p) is given by (2.9).

(i5i) If B € [0,1) and p < 0, then for any € > 0, a.s., for all but finitely many n € N,
1
[Vl < (logn) =77~

To prove this result we apply some general results from [29]. Section 4 of [29] dealt
with stochastic processes that were time-homogeneous, but that condition was not used
in the proofs of the results that we apply here, which relied on the very general results
of Section 3 of [29]: the basic tool is Theorem 3.2 of [29].

It is most convenient to again work in some generality. Again let (Z,),en denote a
stochastic process on [0, 00). Recall the definition of p(n;z) from (3.1). The next result
gives the upper bounds that we need. Part (i) is contained in [29, Theorem 4.1(i)]. Part
(ii) is a variation on [29, Theorem 4.3(i)] that is more suited to the present application.
Part (iii) is also based on [29] but does not seem to have appeared before.

Lemma 6.4. Suppose that (Z,)nen is such that (5.1) holds.

(i) Suppose that for some A < oo, xui(n;x) < A for all n and x sufficiently large.
Then for any € > 0, a.s., Z, < n'/*(logn) /2% for all but finitely many n € N.

(ii) Suppose that for some v > 0 and kK > 1, 2zpi(n;z) < —kpe(n;x) + o(1) and

pa(n;x) > v for alln and x sufficiently large. Then, for anye >0, a.s. Z, < nTHe e

for all but finitely many n € N.

i) Suppose that for some 3 € [0,1) and A > 0, 2°u (x;n) < —A for all n and x large
i

enough. Then for anye > 0, a.s., for all but finitely manyn € N, Z,, < (log n)ﬁ“.

Proof. First we prove part (ii). Let ' = k — ¢ for ¢ € (0, k). Writing D,, = Z,.1 — Z,,

ElZy15 = 2, = Zy W Eal(1 + (Da/Z0) = 1]

!/

/ KR
= (1+K)Z; (Hl(n; Zy) + o7 M2

(1320) +0(2,%))

using Taylor’s formula and (5.1). Under the conditions of part (ii), we have

/

r pa(n; Z,) +0(Z,%) < — ° pa(n; Z,) +o(Z;1) <0,

7
(s Zn) + 57 =75z

for all n and Z, large enough. Hence E,[Z1 1% — Z1+*'] is uniformly bounded above and
the result follows from Theorem 3.2 of [29].
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It remains to prove part (iii). For a > 0, define f,(z) := exp{z®}. First we show
that, under the conditions of the lemma, for any « € (0,1 — ), for some C' < oo,

Bl fa(Znst) — fu(Z)] < O, as.. (6.2)

Writing D,, = Z,.1 — Z,, we have that

Enlfo(Zny1) = foa(Zn)] = fol(Zn)En [exp{(Zn + Dn)* — Z;} — 1].

Since D,, = O(1) a.s., by (5.1), Taylor’s formula applied to the last expression yields
Eulfa(Zu1) = Ja(Z0)) = fo(Za)En [aDnZy ™t 4+ O(Z3072)]

Here we have that E,[D,] < —AZ-#? for all Z,,n large enough. Since a < 1 — 3 we
obtain (6.2). Now we can apply Theorem 3.2 of [29] to complete the proof. O

Finally we complete the proofs of Proposition 6.1 and Theorem 2.4.

Proof of Proposition 6.1. Under the conditions of part (i) of Proposition 6.1, we have
from (4.5) and Lemma 4.3 that the conditions of Lemma 6.4(i) hold for Z,, = ||Y,,||. Thus
we obtain part (i) of the proposition. Similarly, under the conditions of part (ii), we have
from (4.5), (4.8) and (4.9) that Lemma 6.4(ii) holds for Z, = ||V, || and x = —22 — (d—1),
which is greater than 1 for p < —do?/2. Finally, under the conditions of part (iii), we
have from (4.5) and (4.7) that Lemma 6.4(iii) holds for Z, = ||Y,.]|. O

Proof of Theorem 2.4. Part (i) of the theorem follows from Theorem 2.2. Parts (ii), (iii),
and (iv) follow from Proposition 6.1 with (4.3) and the triangle inequality; note this
introduces an extra logarithmic factor in the case of part (iv) of the theorem. ]
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